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ABSTRACT

Aim/Purpose This study aims to identify the key factors influencing the adoption of inte-
grated enterprise resource planning and business intelligence systems (ERPBI)
in small and medium-sized enterprises (SMEs). Using the technology-organiza-
tion-environment (TOE) framework, the study develops a conceptual frame-
work explaining how technological, organizational, and environmental determi-
nants shape ERPBI adoption.

Background ERP and BI systems ate increasingly interdependent: ERP systems integrate op-
erational data, while BI systems convert that data into decision-support insights.
In SMEs, adopting integrated ERPBI systems is especially challenging because
of limited resources, technical expertise, and managerial capacity. Since existing
studies often examine ERP and BI separately, an integrated, SME-focused
framework is needed to better explain the combined adoption of operational
and analytical capabilities.

Methodology A two-phase research design was employed. First, a systematic literature review
of peer-reviewed studies published between 2017 and 2025 was conducted to
extract ERPBI adoption determinants. Second, ten domain specialists were se-
lected through purposive sampling based on their experience in ERP, BI, SME
digitalization, or information systems adoption. They evaluated the relevance
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and importance of the identified determinants, which were then ranked using
aggregated mean expert scores.

Contribution This study consolidates fragmented ERP and BI adoption research into an inte-
grated ERPBI perspective and proposes a validated TOE-based conceptual
framework specifically tailored to SMEs.

Findings The findings suggest that ERPBI adoption in SMEs is influenced by twelve
technological, organizational, and environmental determinants: top management
support, training, competitive pressure, communication, firm size, compatibility,
relative advantage, perceived usefulness, artificial intelligence tools, big data ana-
Iytics ability, cloud computing facility, and pandemic recovery planning. Rather
than presenting these factors as definitive predictors of adoption success, the
study synthesizes prior evidence and expert feedback to propose a structured
framework for further empirical investigation.

Recommendations  For practitioners, the proposed framework should be viewed as a decision-sup-

for Practitioners port guide rather than a prescriptive implementation model. SME managers
may use the framework to assess key readiness areas, including technological
compatibility, organizational resources, managerial support, employee capability,
vendor supportt, and external pressures. However, the relevance and priority of
these factors may vary across SME size, sector, digital maturity, and resource
availability.

Recommendations ~ Future research should empirically test the proposed framework across different

for Researchers SME sectors and regions and investigate post-adoption outcomes using longitu-
dinal approaches.

Impact on Society ~ Effective ERPBI adoption can strengthen SME resilience, promote sustainable
business practices, and contribute to economic stability through enhanced digi-
tal transformation.

Future Research Further studies are encouraged to explore emerging factors such as cybersecu-
rity readiness, data governance, and responsible Al practices in ERPBI adop-
tion.

Keywords enterprise resource planning and business intelligence, TOE, technology adop-

tion, business continuity, SMEs, SLR

INTRODUCTION

Since the COVID-19 pandemic, SMEs have operated in a more digitally accelerated and uncertain
business environment, where competitiveness increasingly depends on the ability to adopt digital
technologies, integrate operational data, and support data-driven decision-making. Peer-reviewed
studies show that SMEs used digital technologies during the pandemic to maintain operations, re-
spond to disruption, and support business continuity (Papadopoulos et al., 2020; Patker et al., 2023).
More recent evidence also suggests that the pandemic accelerated SME digital transformation, alt-
hough the extent of adoption varies across firms, sectors, and levels of digital readiness (Holl &
Rama, 2024). In this context, integrated ERP and BI systems are increasingly relevant because ERP
supports operational integration, while BI enables SMEs to transform operational data into manage-
rial insights.

Recent literature shows that SME digital transformation is increasingly shaped by cloud-based ERP,
business intelligence, big data analytics, and Al-enabled technologies, which support operational inte-
gration, data-driven decision-making, and organizational adaptability (Alsibhawi et al., 2023; Hong et
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al., 2024). However, SMEs continue to face adoption barriers related to limited financial resources,
digital skills, technical expertise, infrastructure readiness, and managerial capability (Kgakatsi et al.,
2024). Recent studies also show that BI and analytics adoption remains strongly influenced by tech-
nological, organizational, and environmental conditions, including compatibility, top management
support, competitive pressure, and organizational readiness (Al-Daraba et al., 2025; Alsibhawi et al.,
2023). Therefore, a current review of ERPBI adoption in SMEs is needed to reflect recent develop-
ments in ERP, BI, cloud computing, big data analytics, and Al, rather than relying primarily on earlier
ERP and BI adoption literature.

However, despite the acknowledged importance of ERPBI systems, existing literature reveals a criti-
cal gap in our understanding of their adoption, particularly in Small and Medium-sized Enterprises
(SMEs) within the private sector (Mukred et al., 2023). Previous studies have largely focused on the
technological aspects of ERPBI systems, with insufficient attention given to the organizational and
environmental factors that significantly influence their successful adoption (Adjie Eryadi & Nizar
Hidayanto, 2020; Hailu & Rahman, 2012). Moreover, there is a lack of comprehensive analysis that
integrates determinants, theories, and models at both the organizational and individual levels, which
is crucial for a holistic understanding of ERPBI adoption (Jaradat, AL-Hawamleh, & Hamdan, 2025;
Llivisaca-Villazhafay et al., 2025).

The post-COVID-19 business environment has increased pressure on SMEs to adopt digital technol-
ogies to sustain operations, improve service delivery, and remain competitive. Holl and Rama (2024)
found that, after the onset of the pandemic, 30.7% of manufacturing SMEs and 46.5% of service
SME:s in their sample invested in digital technologies; among those adopters, cloud computing, big
data, and artificial intelligence were also reported as important advanced technologies.

Combining the above systems, the Enterprise Resource Planning and Business Intelligence (ERPBI)
system appears to be a complicated piece of computer software capable of transforming business
processes (Aldossari & Mokhtar, 2020). This explains why organizations and industries increasingly
opt for its implementation, with most illustrating enhanced performance through ERPBI usage in
human resource planning, management control, and operational control. Recent ERP and BI studies
show continued interest in how SMEs adopt digital systems to improve operational integration, or-
ganizational performance, and data-driven decision-making. ERP studies have examined SME adop-
tion motivations, implementation experiences, cloud ERP adoption, and organizational performance,
while BI studies have focused on adoption determinants and decision-support capabilities in SME
contexts (Alsibhawi et al., 2023; Gessa et al., 2023; Zheng & Khalid, 2022).

More specifically, Oracle, an integrated solution comprising both ERP and BI systems, enables users,
not limited to I'T staff, to access financial and operational data in a timely, easy, efficient, and cost-
effective manner (H. Chen et al., 2012). Hence, ERP or BI use in a stand-alone system is not all-in-
clusive and sufficient (Carton & Hofer, 20006; Ince et al., 2013), but their integration has been illus-
trated to be effective in promoting the capacity of the firm’s business decision-making (Ain et al.,
2019; H. Chen et al., 2012; Drelichowski, 2012; Radikovic, 2012).

Effective ERPBI adoption can support SME performance by improving operational integration, in-
formation visibility, and data-driven decision-making (Jaradat, AL-Hawamleh, & Hamdan, 2025).
However, ERPBI adoption alone does not ensure business success; its value depends on how well
the system is aligned with the firm’s strategy, resources, capabilities, and market conditions. In this
regard, a few studies have examined the factors influencing successful ERPBI adoption, with fewer
studies providing evidence of its ability to sustain and sustainably drive business (Hailu & Rahman,
2012). Based on experts’ feedback, ERPBI system adoption can enhance performance, reporting, and
customer relations (Adjie Eryadi & Nizar Hidayanto, 2020; Azzaria et al., 2026; Erraoui & Nouha,
2026; Hou, 2013). Thus, firms must use varying ERPBI solutions to achieve sustainable, continuous
outcomes.
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While the technology-organization-environment (TOE) framework provides a useful foundation for
explaining technology adoption, ERPBI adoption in SMEs requires a more context-specific applica-
tion because it combines ERP-based operational integration with Bl-based analytical decision-sup-
port capabilities (Alsibhawi et al., 2023; Hong et al., 2024). SMEs also face distinctive resource, capa-
bility, infrastructure, and environmental constraints that shape digital technology adoption differently
from larger organizations (Hong et al., 2024; Sanchez et al., 2025). Therefore, this study refines the
TOE framework by incorporating ERPBI-specific and emerging determinants, including Al tools,
big data analytics ability, cloud computing facility, and pandemic recovery planning (Kgakatsi et al.,
2024; Sanchez et al., 2025).

This study addresses these gaps by applying the TOE framework to examine the adoption of inte-
grated ERPBI in SMEs, with a specific focus on the private sector. Through a systematic literature
review of studies published between 2017 and 2025, followed by expert validation, the study identi-
fies and ranks the technological, organizational, and environmental determinants influencing ERPBI
adoption in SMEs. Accordingly, the study is guided by the following research question: What techno-
logical, organizational, and environmental determinants influence the adoption of integrated ERPBI
systems in SMEs?

The contributions of this study are manifold. Firstly, it provides a comprehensive analysis of the fac-
tors influencing ERPBI adoption in SMESs, a sector that has been underrepresented in existing re-
search. Secondly, it critically examines and synthesizes various frameworks and models, thus offering
a nuanced understanding of ERPBI adoption in the private sector. This study is expected to signifi-
cantly enhance the capacity of both academics and practitioners to develop theoretical and practical
insights into ERPBI systems, ultimately contributing to the advancement of knowledge in this field.

This article examines ERPBI adoption among SMEs by synthesizing recent literature and expert vali-
dation findings. The paper is organized into seven sections. This section introduces the study back-
ground, research gaps, and research questions. The next section reviews the literature on ERPBI
adoption and related theoretical frameworks. The Methodology section explains the systematic litera-
ture review and expert validation methodology, which is followed by the Findings and Discussion
section. The fifth section outlines the study’s contribution. The final section concludes the paper and
proposes directions for future research.

LITERATURE REVIEW

ERP adoption has been widely examined in relation to implementation success, organizational readi-
ness, management suppott, system compatibility, user training, and business process alignment
(Beheshti et al., 2014; Fadelelmoula, 2018; Haddara, 2018; Salisu et al., 2021). However, much of this
literature treats ERP as a standalone operational system. This limits its ability to explain contempo-
rary SME contexts, where ERP is increasingly expected not only to integrate business processes but
also to provide reliable data for analytics and decision-making (Aldossari & Mokhtar, 2020).

BI adoption reseatrch has similarly emphasized data quality, analytical capability, decision support,
and competitive advantage (Alsibhawi et al., 2023; Nithya & Kiruthika, 2021). However, many Bl
studies assume that organizations already possess the digital infrastructure and data capabilities re-
quired for analytics. This assumption is less applicable to SMEs, where limited financial resources,
technical expertise, infrastructure readiness, and managerial capacity may limit the effective use of BI.

Although ERP and BI are closely connected, prior studies often examine them separately. Recent
ERP studies mainly emphasize ERP adoption, implementation processes, operational integration, ot-
ganizational resources, and SME performance outcomes (Gessa et al., 2023; Hong et al., 2024). In
contrast, recent BI studies focus more on analytics capability, information quality, decision support,
and decision-making performance (Alsibhawi et al., 2023; Qatawneh, 2024). This separation creates a
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gap in understanding ERPBI adoption in SMEs, where operational integration and analytical capabil-
ity must develop together to support both business process efficiency and data-driven decision-mak-
ing (Aldossari & Mokhtar, 2020; Aldossari & Mukhtar, 2019; Jaradat, AL-Hawamleh, & Hamdan,
2025).

Recent continuance adoption studies indicate that SME technology adoption should not be viewed
only as an initial acceptance decision, but also as a sustained-use process. For ERP, Jo and Bang
(2023) found that continuance intention is shaped by perceived usefulness, system quality, infor-
mation quality, and top management support, showing that continued ERP use depends on both
technological and organizational conditions. Similarly, Al-Hattami and Almaqtari (2023) argue that
the success of digital systems in SMEs depends more on continued use than initial adoption, as initial
use may be followed by rejection. This is relevant to ERPBI adoption because SMEs must not only
adopt ERPBI systems, but also continue using them to support operational integration, analytics ca-
pability, and data-driven decision-making over time.

Existing ERPBI-related studies suggest that integrating ERP and Bl may improve organizational per-
formance, process efficiency, and decision-making (Aldossari & Mukhtar, 2019; Jaradat, AL-
Hawamleh, & Hamdan, 2025). However, these studies remain limited in terms of SME focus, theo-
retical integration, and contextual coverage. In particular, many studies are conducted in large organi-
zations or specific sectors, making it difficult to generalize their findings to SMEs, especially those
operating in resource-constrained or developing-economy contexts (Jaradat, AL-Hawamleh,
Altarawneh et al., 2025; Jaradat, AL-Hawamleh, & Hamdan, 2025; Lara-Pérez et al., 2025).

From a theoretical perspective, the TOE framework provides a useful basis for organizing ERPBI
adoption determinants into technological, organizational, and environmental dimensions. Neverthe-
less, the literature indicates that TOE requires contextual refinement for ERPBI adoption, as inte-
grated ERPBI systems encompass both operational and analytical capabilities (Chang, 2025). Emerg-
ing determinants, such as cloud computing facilities, big data analytics ability, Al tools, and pandemic
recovery planning, further suggest the need for a current SME-focused framework.

Several adoption models can be used to examine ERPBI adoption, including the Technology Ac-
ceptance Model (TAM), the Unified Theory of Acceptance and Use of Technology (UTAUT), and
the Technology-Organization-Environment (TOE). TAM explains technology acceptance mainly
through individual perceptions such as perceived usefulness and perceived ease of use (Mukred et al.,
2024). UTAUT extends this view by emphasizing performance expectancy, effort expectancy, social
influence, and facilitating conditions as predictors of user acceptance and use (Al-Sayid & Kirkil,
2025).

Recent adoption studies show that TAM and UTAUT are commonly used to explain user ac-
ceptance, intention, and usage behaviour through perception-based constructs such as usefulness, ef-
fort expectancy, social influence, and facilitating conditions (Alsibhawi et al., 2023; Salimon et al.,
2023). However, ERPBI adoption in SMEs is an organizational-level decision that depends not only
on user perceptions but also on technological readiness, organizational resources, managerial sup-
port, compatibility, vendor support, and external pressures. Therefore, the TOE framework is more
appropriate for this study, as recent SME technology adoption research shows that TOE provides a
broader framework for examining technological, organizational, and environmental adoption condi-
tions at the firm level (Faiz et al., 2024; Hong et al., 2024; Qatawneh, 2024).

Prior TOE-based studies have extended the framework to examine specific digital technologies such
as business intelligence and analytics, cloud ERP, and digital transformation. For example,
Mohammad et al. (2022) applied TOE to business intelligence and analytics usage, Qatawneh (2024)
extended TOE to examine Bl adoption and decision-making performance, and Hong et al. (2024)
examined cloud ERP adoption in SMEs. However, these studies generally focus on a single technol-
ogy domain, such as BI, analytics, or cloud ERP, rather than the integrated adoption of ERP and BI
as a combined organizational capability. Therefore, the present study builds on prior TOE extensions
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by integrating ERP, BI, cloud computing, big data analytics, Al tools, and pandemic recovery plan-
ning into one SME-focused ERPBI adoption framework. Its differentiation lies in treating ERPBI
adoption as an organizational-level process that combines operational integration and analytical deci-
sion-support capabilities across the technological, organizational, and environmental dimensions.

Based on the reviewed literature, four gaps can be identified. First, ERP and BI adoption studies are
often examined separately, leaving a limited understanding of integrated ERPBI adoption in SMEs.
Second, earlier adoption studies focus mainly on initial adoption and give less attention to continu-
ance or sustained use. However, continued use is essential for ERPBI systems to generate long-term
value. Third, many existing studies focus on large organizations, specific sectors, or single technolo-
gies, making their findings less directly applicable to SMEs with limited resources and capabilities.
Fourth, limited research has developed a TOE-based ERPBI framework that incorporates recent de-
terminants such as Al tools, big data analytics ability, cloud computing facility, and pandemic recov-
ery planning.

Accordingly, this study addresses these gaps by systematically reviewing recent ERP, BI, and ERPBI
adoption literature from 2017 to 2025 and validating the identified determinants through expert eval-
uation. The contribution of the study is the development of a context-specific TOE-based frame-
work that identifies and ranks the technological, organizational, and environmental determinants in-
fluencing ERPBI adoption in SMEs.

METHODOLOGY

An SLR is a thorough literature review method that underpins every research study and assists in the
incremental advancement of science based on past findings (Al-Emran et al., 2018). SLRs are meth-
ods that synthesize empirical data to address a specific research question straightforwardly and repro-
ducibly, by reviewing the entire body of published literature on the subject to evaluate their validity.
In this regard, knowledge advancement builds on past work; thus, it is pertinent to understand the
limits of knowledge to extend it further. Through the review of relevant literature, the literature on
the subject can be assessed for its breadth and depth, and gaps can be highlighted and examined
(Xiao & Watson, 2019). Stated clearly, the method presents references that are crucial to the subject
under examination and enhance the research’s significance.

Accordingly, this SLR takes the direction set out by Xiao and Watson (2019) for SLR guidelines.
These guidelines are adhered to because they provide evidence-based support for the investigated is-
sue and have been accepted in several SLRs. This review identified the critical factors influencing the
adoption/acceptance of ERPBI among SMEs and proposes a framework that encapsulates the rela-
tionships among the determinants. The SLR was employed to achieve the purpose of the study, as it
clearly lays out the relevant subject matter and sheds light on other relevant concepts. The methodo-
logical steps adhered to for the study framework development via SLR, and the feedback and evalua-
tion of experts.

SLR was primarily used to identify the top factors affecting ERPBI adoption among SMEs, upon
which a framework that included the factor relationships was developed. The SLR essentially clarified
the subject matter in its entirety and made known relevant concepts. This involved factor extraction
and categorization according to their frequency of being mentioned in the literature, and from which
the most relevant top ones were scrutinized by experts to rank them. Moreover, the experts were
asked to identify factors they believe should be included in the list.

An SLR is characterized by numerous features, which include: (1) pre-defined clear objectives, (2)
pre-defined clear conditions to include/exclude literature work, (3) pre-determined search strategy in
information systematic collection, (4) pre-defined characteristics conditions that the whole sources
are clarified and is presented in the review without ambiguity, (5) quality and systematic evaluation of
the reviewed studies, (6) determination of the excluded literature sources and justification behind
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their exclusion, (7) information analysis/synthesis through the comparison of outcome from qualita-
tive synthesis and meta-analysis, and lastly, (8) clarification of ambiguous and erroneous references of
material.

Furthermore, an SLR has also been referred to as a literature review linking to a specific issue, mak-
ing use of systematic and explicit techniques with which the publications are identified, selected
through the issue, appraised, and data analysis in the publications, and reporting the whole outcome
(Xiao & Watson, 2019).

Concerning the above, a systematic review protocol guideline that includes the contents and articu-
lated methods used is enumerated below:

1.

&

Databases to be searched with additional sources identification using scanning of bibliog-
raphies;

Terms/keywords to be applied in the selected search strategy;

Applied research scope (the duration of publication, language, and other details);

Screening process applied to titles and abstracts for their relevance based on the criteria of
their inclusion or exclusion;

Data to be collected from the reviewed articles;

Data summary to be presented that is related to the initial objectives/issues of the literature
review.

A systematic review generally needs a flow diagram that shows the number of publications high-
lighted and their status, and the number of excluded publications and their exclusion justification.
Figure 1 presents a flow diagram to this effect.

Records identified through database Additional records identified through other sources
searching (n=1012) (n=612)

v v

Records after duplicates removed (n=400)

v

Records Screened (n=300)

\ 4

Full-text articles assessed for
eligibility (n=200)

v

Records excluded (n=50)

\ 4
Studies included in qualitative Full-text articles excluded with reason
synthesis (n=150) > (n=63)

¢

Studies included in quantitative
synthesis (meta-analysis)
(n=87)

Figure 1. Systematic literature review framework



Adoption of Enterprise Resource Planning and Business Intelligence Systems

PRISMA (Preferred Reporting Items for Systematic Reviews and Meta-Analyses) is a widely recog-
nized framework that provides guidelines to ensure clarity, transparency, and rigor in reporting sys-
tematic reviews and meta-analyses. It comprises a 27-item checklist and a four-phase flow diagram
that guide researchers in reporting essential information, including the identification, selection, eligi-
bility, and inclusion of studies. PRISMA’s structured approach aids comprehensive synthesis of re-
search findings and enhances the replicability and utility of systematic reviews and meta-analyses,
making it a cornerstone of evidence-based research practices.

PRISMA was used in this study as a reporting and screening protocol to improve transparency in the
identification, screening, eligibility assessment, and inclusion of studies. Although PRISMA was origi-
nally developed for health-related systematic reviews and meta-analyses, it has been widely adapted in
non-medical fields to document the review process clearly and reproducibly (Al-Assaf et al., 2024). In
this study, PRISMA was not used to impose biomedical assumptions or conduct a meta-analysis. In-
stead, it was used to structure the search and selection process, while the synthesis of findings fol-
lowed a qualitative thematic approach suitable for the heterogeneous Information Systems adoption
literature (Okoli, 2015; Xiao & Watson, 2019). Given the methodological diversity of the reviewed
studies, which included qualitative, conceptual, survey-based, and structural equation modelling re-
search, formal PRISMA criteria such as risk-of-bias assessment and summary measures were not ap-
plied. Instead, PRISMA was used to ensure transparency in the search, screening, and inclusion pro-
cess. To better suit the information systems and management context, the review was also guided by
concept-centric and systematic review principles from Webster and Watson (2002), Tranfield et al.
(2003), and vom Brocke et al. (2009).

The PRISMA counts wete not based on predetermined cut-offs. From the 400 records initially iden-
tified, 100 records were removed before screening because they were duplicates, non-peer-reviewed
items, or cleatly outside the review scope. The remaining 300 records were screened by title and ab-
stract. At this stage, 100 records were excluded because they did not focus on ERP, BI, ERPBI,
SME's, or technology adoption determinants. Of the 200 reports sought for full-text assessment, 50
were not retained because the full text was unavailable, the study was not written in English, or the
publication was an earlier/ duplicate version of a more complete study. Therefore, 150 full-text arti-
cles were assessed for eligibility. Of these, 63 were excluded for the following reasons: not SME-fo-
cused, not adoption-focused, purely technical/system-design studies, lacking clear determinants, or
insufficient methodological relevance. The final 87 studies were included for determinant extraction

(Table 1).
Table 1. PRISMA-based study selection and screening process

PRISMA stage Number Reason
Records identified 400 Database and manual search results
Records removed before 100 Duplicates, non-peer-reviewed records, or clearly
screening irrelevant records
Records screened 300 Title and abstract screening
Records excluded after 100 Not related to ERP, BI, ERPBI, SMEs, or adoption
screening determinants
Reports sought for full- 200 Potentially relevant studies
text assessment
Reports not retained be- 50 Full text unavailable, non-English paper, or
fore eligibility duplicate/eatlier version
Full-text articles assessed 150 Eligibility assessment
Full-text articles excluded 63 Not SME-focused, not adoption-focused, purely

technical, no determinants, or weak relevance

Studies included 87 Final studies used for determinant extraction
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The following sub-sections detail the research questions, the search process, the criteria for including
and excluding publications, bibliography management and document retrieval, and data extraction
and analysis.

RESEARCH QUESTIONS

The research question in this systematic literature review is directed toward the critical issues relevant
to the study topic. The main research question for this study is: “What technological, organizational,
and environmental determinants influence the adoption of integrated ERPBI systems in SMEs?”’

RESEARCH PROCESS

A comprehensive and systematic search strategy was employed to identify relevant studies on ERPBI
adoption in SMEs. Searches were conducted across major academic databases, including IEEE
Xplore, ACM Digital Library, Scopus, ScienceDirect, SpringerLink, and Google Scholar. The search
strings were developed iteratively based on prior reviews and domain keywords and included combi-
nations, such as:

(“Enterprise Resource Planning” OR ERP) AND (“Business Intelligence” OR BI) AND (adop-
tion OR acceptance OR implementation) AND (SME OR “Small and Medium Enterprises”)

as well as related variants (e.g., “ERP and BI integration”, “ERPBI adoption”, “ERP and BI frame-
work”, “ERPBI and business continuity”). Boolean operators and truncation were applied where ap-
propriate to maximize coverage. The systematic literature review was limited to peer-reviewed journal
articles and conference papers published in English between 2017 and 2025. However, older sources
were retained where they served as foundational theoretical or methodological references, such as
those related to TOE, TAM, UTAUT, PRISMA, and systematic review methodology.

The research began by conducting a literature review of relevant publications and papers using online
libraries and sites. This search process continued until the study was completed, using search engines
across digital libraries such as IEEE Xplore, ACM Digital Library, Scopus, ScienceDirect, Spring-
erLink, and Google Scholar.

INCLUSION AND EXCLUSION CRITERIA

The screening process followed PRISMA guidelines and was conducted in three stages. First, dupli-
cate records were removed. Second, titles and abstracts were screened to exclude studies that were
unrelated to ERP, BI, ERPBI, or technology adoption. Third, full-text screening was performed to
assess eligibility based on predefined inclusion and exclusion criteria.

Studies were included if they: (i) examined ERP, BI, or ERPBI adoption or implementation, (ii) fo-
cused on organizational-level adoption factors, frameworks, or determinants, and (iii) were peer-re-
viewed publications. Studies were excluded if they: (i) were non-scholarly or informal publications,
(i) did not address adoption-related factors, (iif) focused solely on technical system design without
organizational relevance, or (iv) were duplicate or earlier versions of the same study. This structured
screening ensured relevance, consistency, and alignment with the study objectives. For research pub-
lications that have appeared in more than one journal/conference, the complete version is included,
while the rest are excluded.

QUALITY ASSESSMENT

To enhance methodological rigor, all studies retained after full-text screening were assessed for qual-
ity and relevance. Quality evaluation considered clarity of research objectives, methodological sound-
ness, theoretical grounding, and relevance to ERPBI adoption. Studies that lacked sufficient method-
ological detail or theoretical contribution were excluded.
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The PRISMA flow diagram was used to document the identification, screening, eligibility, and inclu-
sion stages, ensuring transparency and reproducibility of the review process. Any discrepancies in ar-
ticle counts were resolved through iterative verification of database exports and screening logs. The
tinal dataset of studies used for factor extraction and expert validation is therefore reproducible
based on the documented search strategy and screening procedures.

EXPERTS VALIDATION

The expert validation phase involved ten domain specialists selected through purposive sampling. Se-
lection was based on predefined criteria: (i) possession of a doctoral degree, (ii) a minimum of five
yeats of academic or professional experience in information systems, ERP, BI, SME digitalization, or
technology adoption, and (iii) evidence of relevant scholarly or professional expertise in the field. Po-
tential experts were invited only after confirming that they met these criteria, rather than through
convenience selection alone. They were contacted through professional academic networks and insti-
tutional affiliations. Participation was voluntary, informed consent was obtained before data collec-
tion, and all responses were anonymized.

To preserve confidentiality, individual expert profiles are not reported. In aggregate, the panel repre-
sented eight academic institutions across five countries and included seven assistant professors and
three associate professors. Their areas of expertise included technology adoption, ERPBI, business
intelligence, data analytics, artificial intelligence, SME digitalization, business continuity, software en-
gineering, e-business, and information systems. This composition provided relevant academic and
domain expertise for evaluating the determinants of ERPBI adoption.

Expert verification was administered through an individual evaluation process to reduce group influ-
ence and ensure independence of opinion. The ten domain specialists received the list of determi-
nants, their definitions, and the proposed TOE classification individually. Each expert independently
assessed the relevance and importance of the determinants using an evaluation form, without group
discussion or disclosure of other experts’ responses. Although the study did not apply a full Delphi
method with multiple iterative rounds, it adopted the Delphi principle of independent expert judge-
ment to minimize conformity bias and dominance effects. The experts’ scores were then aggregated
to rank the final determinants. This approach is consistent with expert-based validation procedures
that emphasize structured judgement, anonymity, and aggregation of expert opinion to improve relia-
bility and reduce dominance bias (Dalkey & Helmer, 1963; Linstone & Turoff, 1975).

Experts were invited via professional academic networks and institutional affiliations. Participation
was voluntary, and informed consent was obtained ptior to data collection. No personal or sensitive
data were collected, and responses were anonymized. As the study involved expert opinion without
human subject intervention or identifiable personal data, formal institutional ethics approval was not
required, in line with standard research ethics guidelines.

The expert evaluation aimed to assess the conceptual importance and practical relevance of each fac-
tor rather than to mechanically reduce the factor list. Factors were rated on a 5-point Likert scale ac-

cording to their perceived influence on ERPBI adoption. The inclusion threshold was based on both
mean importance scores and collective expert agreement, ensuring that retained factors reflected sub-
stantive relevance rather than statistical convenience.

Expert input was integrated with the literature review findings in three steps. First, determinants
identified from the systematic literature review were grouped under the TOE dimensions. Second,
the ten experts reviewed the determinant list, definitions, and TOE classification to assess their rele-
vance to ERPBI adoption in SMEs. Third, expert scores and feedback were used to confirm, refine,
and rank the final determinants. Determinants retained in the framework were therefore supported
by both literature evidence and expert validation.
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FINDINGS AND DISCUSSION

The section includes a discussion of the findings gained by this SLR as follows.

BIBLIOGRAPHY MANAGEMENT AND DOCUMENT RETRIEVAL

The development of the review report involves citations and bibliographic management, where the
endnote software V.X7.8 has been useful. The critical terms for searching for related studies using
the journals/conferences’ search engines involved abstract/title scanning, followed by downloading
the retrieved studies for further assessment and data extraction.

The studies were scanned and searched from the search engines listed in Table 2.

Table 2. Number of articles from publishers

. . . Based on the
[l defined key terms
IEEE Xplore 180
ACM Digital Library 55
Scopus 370
Science Direct 80
Springer Link 79
Google Scholar 248
Total 1012

Current versions of duplicated articles were selected, while older versions were excluded according to
the exclusion criteria. The relevant materials were scanned and skimmed to identify the top related
works. The total number of studies obtained following the review was 1012. After the review was
conducted, the major selected studies were 87 (see Appendix A), and the extracted factors from these
studies are listed in Appendix B.

DESCRIPTIVE ANALYSIS

This section presents the data resulting from the SLR and the analysis and deliberation of the experts’
evaluation of the same. Table 3 summarizes the distribution of selected studies by publisher. Table 4
and Figure 2 present the yearly distribution of selected journal articles. Table 5 presents the yearly
distribution of selected journal articles.

Table 3. Number of articles per publisher

Publisher No of articles
Scopus 40
Web of Science 38
Other 7
Conferences 2
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Table 4. Number of articles per country

No. Country No. of studies
1 Bangladesh 4
2 Canada 2
3 China 2
4 Croatia 2
5 Egypt 5
6 Ghana 4
7 Greece 1
8 Indonesia 4
9 Iran 2
10 Jordan 10
11 Kenya 1
12 Libya 1
13 Malaysia 3
14 Mexico 3
15 New Zealand 1
16 Nigeria 3
17 Norway 1
18 Pakistan 2
19 Portugal and Spain 2
20 Romania 2
21 Russia 1
22 Saudi Arabia 11
23 Slovenia 3
24 South Korea 1
25 Taiwan 1
26 Thailand 2
27 Tunisia 1
28 Turkey 1
29 United States 3
30 Yemen 1
31 Ecuador 1
32 Morocco 1
33 Philippines 1
34 United Arab Emirates 1
35 Multiple/unspecified 3
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Figure 2. Distribution of articles by countries
Table 5. Number of journals per year
Year No of articles
2025 8
2024 6
2023 7
2022 16
2021 10
2020 14
2019 14
2018
2017 8
FACTORS FREQUENCY

In this section, the results of the SLR data collected after the winnowing process are presented. The
citations of the factors were numbered and used to provide their significant values following the
strategy below:

1. Included factors had citations that are >=4, indicating their significance in affecting ERPBI
adoption.

2. Excluded factors had citations that are <4, indicating their less significant in affecting
ERPBI adoption.

In the above enumerated strategy, frequency can be referred to as the number of times that the fac-
tors were cited in literature, albeit this does not represent the factor’s ordinary nature (Mukred et al.,
2019). The SLR top-cited factors are tabulated in Table 6.

Table 6. Ranking of the extracted factors from systematic literature review

No Factor Frequency | Included
Top Management Support 16 Yes
2 Competitive Pressure 11 Yes
3 Business Process Characteristics 9 Yes
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No Factor Frequency | Included
4 Complexity 8 Yes
5 Firm Size 8 Yes
6 Compatibility 6 Yes
7 Decision Making 6 Yes
8 Perceived Ease of Use 6 Yes
9 Communication 5 Yes
10 Organizational Culture 5 Yes
11 Relative Advantage 5 Yes
12 System Quality 5 Yes
13 Training 5 Yes
14 Firm Performance 5 Yes
15 Cost 4 Yes
16 Individual Performance 4 Yes
17 Infrastructure 4 Yes
18 Organizational 4 Yes
19 Perceived Usefulness 4 Yes
20 Skills 4 Yes
21 Technological Ability 4 Yes
22 Artificial Intelligence Tools 4 Yes
23 Big data Analytics Ability 4 Yes
24 Cloud Commuting Facility 4 Yes
25 Pandemic Recovery Plan 4 Yes
26 Availability 3 No
27 Change Management 3 No
28 Effectiveness 3 No
29 Effort Expectancy 3 No
30 Experience 3 No
31 External Tech Support 3 No
32 Facilitating Conditions 3 No
33 Information Quality 3 No
34 Organizational Readiness 3 No
35 Performance Expectancy 3 No
36 Project Management 3 No
37 Social Influence 3 No
38 Trialability 3 No
39 Accessibility 2 No
40 Age 2 No
41 Financial Support 2 No
42 Impact on Procurement 2 No
43 Innovativeness 2 No
44 Internal Process 2 No
45 Minimal Customization 2 No
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No Factor Frequency | Included
46 Observability 2 No
47 Political Situation 2 No
48 Sales Growth 2 No
49 Satisfaction 2 No
50 Sensing Capability 2 No
51 Service Quality 2 No
52 User Involvement 2 No
53 Vendor Support 2 No

Experts’ Ranking of Factors

The selection of significant factors and drivers of technology adoption is enriched by the experience
and integrity of the experts involved in their selection (Mosweu et al., 20106). The expert’s evaluation
method has shown promising outcomes in prior studies when used to determine IS adoption-driving
factors in firms of both developing and developed countries (Hawash et al., 2020; Mukred et al.,
2019; Schneider & Sunyaev, 2016).

Accordingly, after the factors were identified and listed in the SLR process as factors that have the
potential to affect ERPBI adoption, all of them were scrutinized by 10 experts in the field of IT,
ERP, and BI technology adoption for assessment, endorsement, or recommending additional factors
that were not included in the list, or excluding some that were included in the list.

The expert evaluation was administered in August 2025 using a structured ranking form created in
Google Forms. The form listed the ERPBI adoption factors identified from the systematic literature
review and asked experts to rate the importance of each determinant for ERPBI adoption in SMEs
using a 5-point scale, ranging from 1 = very low importance to 5 = very high importance. Brief ex-
planations of the determinants were provided to support consistent interpretation. The form was re-
viewed for clarity and completeness before distribution; however, it was not statistically validated be-
cause it was used for expert ranking and validation rather than psychometric scale development.

The experts’ evaluation was criteria-based and was based on the influence of the factors on ERPBI
adoption. Thus, the experts ranked 12 out of the 25 listed factors as the most relevant determinants
of ERPBI adoption, as shown in Table 7.

Table 7. The list of factors evaluated by experts

No. Factor Mean out of 5 | Included
1 Top Management Support 4.6 Yes
2 Competitive Pressure 4.4 Yes
3 Business Process Characteristics 1.7 No
4 Complexity 1.7 No
5 Firm Size 4.5 Yes
6 Compatibility 42 Yes
7 Decision Making 1.6 No
8 Perceived Ease of Use 2 No
9 Communication 4.7 Yes
10 | Organizational Culture 1.4 No
11 | Relative Advantage 4.4 Yes
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No. Factor Mean out of 5 | Included
12 | System Quality 1.8 No
13 | Training 3.9 Yes
14 | Firm Performance 1.5 No
15 | Cost 1.9 No
16 | Individual Performance 1.6 No
17 | Infrastructure 1.5 No
18 | Organizational Readiness 1.6 No
19 | Perceived Usefulness 4.3 Yes
20 | Skills 1.7 No
21 | Technological Ability 1.8 No
22 | Artificial Intelligence Tools 4.4 Yes
23 | Big data Analytics Ability 4.6 Yes
24 | Cloud Commuting Facility 4.6 Yes
25 | Pandemic Recovery Plan 4.3 Yes

Table 8 displays the factors that have been identified through a comprehensive review of relevant lit-
erature and subsequently ranked by experts.

Table 8. List of factors recommended
by experts who were listed in the SLR

No Factor
1 Top Management Support
2 Training
3 Competitiveness Pressure
4 Communication
5 Firm Size
6 Compatibility
7 Relative Advantage
8 Perceived Usefulness
9 Artificial Intelligence Tools
10 Big Data Analytics Ability
11 Cloud Commuting Facility
12 Pandemic Recovery Plan

The evaluation outcome identified 12 factors, which were deemed to have a significant influence on
behavioral intention towards ERPBI adoption.

FINAL LIST OF FACTORS

The factors gathered from the selected articles were evaluated by the number of citations, after which
the experts were provided with the top factors list for ranking. From the initial set of 25 factors iden-
tified through the SLR, experts collectively endorsed 12 factors as the most influential drivers of
ERPBI adoption. Factors with lower mean scores were not discarded due to irrelevance but were
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deprioritized to enhance framework parsimony and conceptual clarity. This reduction reflects expert
judgment aimed at balancing comprehensiveness with practical usability of the proposed framework.

The factors driving successful ERPBI adoption, listed in Table 9, were classified into three dimen-
sions. These factors answer the study’s research question by identifying the technological, organiza-
tional, and environmental determinants influencing ERPBI adoption in SMEs.

Table 9. Summary of underlying factors

No. Underlying factors Dimension
1 Artificial Intelligence Tools
2 Perceived Usefulness
3 Compatibility Technology
4 Big Data Analytics Ability
5 Cloud Commuting Facility
6 | Top Management Support
7 Training o
— Organizational
8 Communication
9 Relative Advantage
10 | Competitiveness Pressure
11 | Firm Size Environment
12 | Pandemic Recovery Plan
13 | Behavioral Intention to Adopt | Behavioral Intention
14 | Business Continuity Use

FRAMEWORK DEVELOPMENT

Adoption of technology does not depend solely on IT technical aspects; external factors, such as ot-
ganizational and environmental characteristics, are also crucial in facilitating adoption (Ma et al.,
2025). ERPBI system implementation involves a complex process; thus, such adoption is vulnerable
to issues related to the organization and the individual, rather than to those related to technology. In
the case of ERPBI, technological, organizational, and environmental aspects were highlighted. In this
regard, when organizations are convinced that ERPBI system adoption is easy and useful, the issues
arising at the organizational and individual levels will remain limited. Hence, the factors need to be
examined and taken into setious consideration (Aldossati & Mokhtar, 2020).

A conceptual framework primarily aims to identify and define relevant concepts and their relation-
ships, and it goes without saying that there is a need for a methodological structure to assist and im-
prove ERPBI implementation. This paper proposes one. Such a structure is relevant to the princi-
ples, scientific analysis, and relationships highlighted in this study, and it helps determine and system-
atically introduce information (Ngulube, 2018). The conceptual structure generally describes the fac-
tors driving the adoption of an ERPBI system to facilitate the continuity and sustainability of organi-
zations, divided into technology, organizational, and environmental factors. They promote the users’
awareness and inclination towards system adoption. The proposed conceptual framework strength-
ens the analysis of ERPBI adoption determinants among SMEs by organizing the validated factors
within the TOE dimensions.

Therefore, this study presents the technology, organization, and environment (TOE) framework,
with numerous factors selected by experts and drawn from publications, to better understand the is-
sues that influence users’ adoption of the system in SMEs (see Figure 3). The framework illustrates
the influence of five technological factors, namely artificial intelligence tools, perceived usefulness,
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compatibility, big data analytics, and cloud computing facility; four organizational factors, namely top
management support, training, communication, and relative advantage; and three environmental fac-
tors, namely competitiveness pressure, firm size, and pandemic recovery plan. These factors influ-
ence the adoption of ERPBI among SMEs. The adoption outcomes in organizations can be de-
scribed using variables categorized within the TOE framework for SMEs, although this classification
is a taxonomy and does not reflect an interconnected philosophical framework or take the place of a
well-developed theory. The variables may differ from one case to another within the frameworks.
Therefore, to maintain enrichment, other variables need to be assessed and evaluated before they can
be included in the framework. This justifies the use of the TOE adoption model for SMEs in this pa-
per’s foundation. This study argues that adopting ERPBI promotes organizational continuity, follow-
ing Luci¢ (2019), who stated that Bl adoption rates enhance business continuity, and Githiga (2018),
who evidenced that business continuity increases following ERP adoption. Nevertheless, research
investigating the role of ERPBI in business continuity in the SME context is still scarce.

On the basis of the above, SMEs” ERPBI adoption is assumed to result in non-financial and financial
measures, and thus, the relationship among the factors and the adoption of ERPBI for business con-
tinuity is tackled in this paper, with the focus placed on three dimensions (technology, organization,
and environment) among the SMEs. The ERPBI adoption conceptual model for SME:s is illustrated
in Figure 3.

ANALYTICAL INTEGRATION OF THE FINDINGS

The findings suggest that ERPBI adoption in SMEs should be understood as an integrated organiza-
tional decision rather than a purely technical adoption issue. This supportts the use of the TOE
framework because the final determinants reflect technological, organizational, and environmental
conditions that jointly shape ERPBI adoption. The technological determinants, including perceived
usefulness, compatibility, cloud computing facilities, big data analytics capabilities, and Al tools, indi-
cate that SMEs evaluate ERPBI systems based on both operational fit and analytical value. This
aligns with recent ERP and BI literature, which emphasizes that ERP supports operational integra-
tion while BI, analytics, and Al-enabled tools strengthen decision-making capability (Alsibhawi et al.,
2023; Hong et al., 2024; Qatawneh, 2024).

The organizational determinants further indicate that ERPBI adoption depends on internal readiness.
Top management suppott, training, communication, and relative advantage are important because
SMEs often operate with limited resources, informal structures, and constrained technical expertise.
These factors suggest that ERPBI adoption requires managerial commitment and employee capabil-
ity, not only system availability. This finding is consistent with SME digital transformation studies,
which show that organizational readiness and leadership support remain central to successful digital
technology adoption (Gessa et al., 2023; Hong et al., 2024).

The environmental determinants show that ERPBI adoption is also shaped by pressures outside the
firm. Competitive pressure, firm size, and pandemic recovery planning suggest that SMEs may adopt
ERPBI to address market uncertainty, operational disruptions, and the need for business continuity
(Alsibhawi et al., 2023; Bai et al., 2021). This strengthens the proposed framework by showing that
ERPBI adoption is not only a route to efficiency but also a response to external pressures and conti-
nuity requirements.

The framework contributes to the literature by integrating ERP, BI, cloud computing, big data ana-
Iytics, Al tools, and pandemic recovery planning within a single TOE-based structure. Unlike studies
that examine these technologies separately, the proposed framework explains ERPBI adoption as a
combined operational and analytical capability. However, the framework should be interpreted as a
conceptual decision-support tool for assessing SME adoption, rather than as a causal model of imple-
mentation success or performance outcomes.
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Figure 3. Conceptual framework for ERPBI adoption

CONTRIBUTION

This study is based on a systematic literature review of selected business and scholarly publications,
from which the potential determinants of a specific technology adoption are highlighted. The top po-
tential determinants are listed in the results, indicating that they may be the most important to some
organizations but less so to others when it comes to ERPBI adoption and recognition. Hence, listing
determinants based on organizational specifications and sector is required to generate better out-
comes from ERPBI adoption initiatives. In addition, the analysis contributes to the decision-making
process before the ERPBI is introduced into the organization — it provides market analysts and poli-
cymakers with a clearer picture of the different aspects of ERPBI determinants and their implemen-

tation success.

There are various determinants for ERPBI highlighted in this study that can be used to draw strategic
interest (e.g., managet’s innovativeness and management support). It is crucial for managers to un-
derstand and consider the major steps that contribute to the successful implementation of ERPBI in
organizations, which is where the results contribution comes into play. For environmental determi-
nants, it is pertinent for organizations to be aware of challenges and uncertainties in the environment
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when implementing ERPBI. The study’s results may also be useful for BI vendors and ERP provid-
ers in addressing issues of complexity and compatibility when investing in ERPBI, particulatly for
SME:s in developing countties.

Although the determinants identified in this study are grounded in established technology adoption
literature, the contribution of this research lies in integrating ERP, BI, and emerging digital technol-
ogy adoption factors within a unified TOE-based framework for SMEs. Unlike prior studies that of-
ten examine ERP, BI, cloud computing, big data analytics, or Al adoption separately, this study
brings these factors together to explain ERPBI adoption as an organizational-level process shaped by
technological, organizational, and environmental conditions. The proposed framework, therefore,
provides a structured basis for understanding how SMEs evaluate ERPBI adoption in relation to op-
erational integration, analytical capability, resource readiness, external pressure, and business continu-
ity.

This study does not propose a new theory that replaces TOE. Instead, it develops a context-specific
TOE-based ERPBI adoption framework for SMEs. The framework systematically builds on prior
TOE extensions by retaining the three established TOE (technological, organizational, and environ-
mental) dimensions, while incorporating ERPBI-specific determinants identified through a systematic
literature review and expert validation. Unlike prior TOE-based studies that often examine ERP, BI,
cloud computing, big data analytics, or Al adoption separately, this framework integrates these deter-
minants to explain how SMEs evaluate ERPBI adoption as a combined operational and analytical
system.

The practical purpose of the framework is to help SME managers, ERPBI vendors, consultants, and
policymakers identify the main readiness conditions that may influence ERPBI adoption. However,
the framework should be interpreted as a conceptual decision-support tool rather than a causal or
predictive implementation model. Its boundary conditions are SMEs in the private sector, organiza-
tional-level adoption decisions, and pre-adoption or early adoption assessment. The framework does
not claim to explain individual user acceptance, post-implementation performance, or adoption out-
comes across all industries without further empirical testing.

CONCLUSION

This study examined ERPBI adoption in SMEs as a composite socio-technical capability that inte-
grates operational data processing via ERP with analytical decision support via BI. Rather than treat-
ing ERPBI adoption as a purely technical decision or as the adoption of separate ERP and BI sys-
tems, the study conceptualized ERPBI adoption as an organizational-level process shaped by the
combined influence of technological, organizational, and environmental conditions. The study con-
tributes theoretically by offering an integrative and configurational treatment of ERPBI adoption
within an extended TOE framework. The framework retains the core TOE dimensions while incor-
porating ERPBI-specific and emerging determinants, including Al tools, big data analytics ability,
cloud computing facility, and pandemic recovery planning. In doing so, the study extends the appli-
cation of TOE to better reflect the socio-technical realities of SMEs, where adoption depends not
only on system usefulness and compatibility but also on managerial support, employee readiness,
communication, competitive pressure, firm size, and continuity-related concerns.

The findings identified 12 determinants influencing ERPBI adoption in SMEs: artificial intelligence

tools, perceived usefulness, compatibility, big data analytics capability, cloud computing facilities, top
management suppott, training, communication, relative advantage, competitive pressure, firm size,

and pandemic recovery planning. These determinants show that ERPBI adoption requires alignment
between digital infrastructure, organizational readiness, and external environmental pressures. Practi-
cally, the proposed framework can support SME managers, ERPBI vendors, consultants, and policy-
makers in assessing the readiness conditions that may influence ERPBI adoption. It provides a struc-
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tured basis for identifying whether SMEs possess the technological capabilities, organizational re-
sources, and environmental preparedness needed to adopt ERPBI systems effectively. However, the
framework should be interpreted as a conceptual adoption framework rather than a fully tested
causal model of implementation success or organizational performance.

This study has several limitations. First, the proposed framework is conceptual and based on a sys-
tematic literature review and expert validation; therefore, it does not empirically test causal relation-
ships between the identified determinants and ERPBI adoption outcomes. Second, although expert
validation strengthened the relevance of the determinants, the number of experts was limited, and
their assessments may not fully represent all SME sectors or country contexts. Third, the reviewed
studies were limited to selected databases, English-language publications, and the period from 2017
to 2025, which may have excluded relevant earlier or non-English studies. Finally, because ERPBI
adoption may vary across industries, firm sizes, digital maturity, and national contexts, the generaliza-
bility of the framework requires further empirical testing.

Future research should empirically test the framework across different SME sectors, countries, and
adoption stages to examine how the identified determinants influence ERPBI adoption and contin-
ued use over time.
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APPENDIX B: EXTRACTED FACTORS FROM THE SYSTEMATIC
LITERATURE REVIEW

Factors

Accessibility Employee Relationships | Internal Integration Perceived Value
Accuracy End-User Grumbling Internal Operations Performance Evaluation
Affordability Ensuring Survival Internal Process Performance Expectancy

. Internal Process Performance of Medium
Age Evaluation .

Performance Enterprises
Appropriate Legacy Baluation of Its Capability Performance Perceptions
Systems Performance
Attitude Exhaustion Job Effectiveness Person.nel Structure and
Potential
Availability Experience Knowledge Management | Political Situation
Business Process . . Post Implementation
. Experience Labour Intensity .

Characteristics Training

Capital Intensity

Extensive Competent
Team

Leadership Commitment
and Support

Potential Business
Opportunities

Potential Business

Change Management External Stakeholders Learning and Growth

Partners
Clear .Vmon And External Tech Support Learning and Growth Presence of Champion
Planning Performance
Communication Facilitating Conditions Legacy System Previous Firm Risks
Compatibility Feature Task-Match Lineage Metadata Quality g;(;ebilem Identification
Competencies Finance Dashboards Market Scope Pro;ess. o

Institutionalization

Competitive Pressure

Financial Support

Market Structure

Process Integration

Growth

Support

Complexity Firm Performance Market Trend Process Management
Conlflict Resolution Firm Size Minimal Customisation Productivity
Consultant Support Fixed Effects Monitoring Products and Services
Placement
Content Formal and Informal Navlgatlonal Metadata Project Champion
Structure Quality
Cost General or Specialized Necessity of Data Project Management
Transparency
Customer Learning Government Financial Observability Quality Management

Customer Service

Government Role

Online Reports

Rational Decision-

Making
Data Generation Green Supply Chain . Regulatory Body
Operational Performance | Account for BI Systems
Processes Management .
Adoption
Data Integration Human Organisational Culture Skills
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Factors
Data Mining Impact on Management | Organizational Slack
. Impact on Marketing Organizational .
Data Quality and Sales Adaptation Social Influence
Data Security Impact on Operations Orgamzagonal Social Movements
Complexity

Data Storage

Impact on Procurement

Organizational Data

Socioeconomic Aspects

Environment
. . Organizational Socio-Organizational
Decision Making Tmpact on Sales Effectiveness Considerations
Deﬁ{lltlonal Metadata Individual Performance Organizational Software Performance
Quality Performance
Difficulties Of Fitting Individualistic o . Software Testing And
. . . Organizational Readiness .

And Adapting Considerations Troubleshooting
Driver-Based Forecasts Industry Characteristics | Organizational Resistance | Sponsorship
Driving Capability E(ti;nsstg TTechnology Organizational Slack Staff Consultant

Economic Situation

Information Integration

Organizational Support

Standards For Process
Integration

Conferencing

Education Information Quality Overall Process Strategy
Effectiveness Infrastructure Own Customers Strategy Maps
Effort Expectancy Innovativeness Package Selection Suitability Management
Support
Elapsed Time Integration Data Perceived Ease of Use Training
Management
Emailing And Remote Integrity Perceived Usefulness Transforming Capability

Inter Department

Suitable Hardware

Platform

Regulatory Environment Information Sharing Platform Trialability
Relative Advantage Intercept Suitable Software Uncertainty
Result Demonstrability Technological Suitable Software User Involvement

Supplier Integration Key

Organizational Structure

Role Ambiguity Technological Change User Capability User Satisfaction
Routine Use Technological Readiness Support Business User Traits
Processes

Sales Growth Technology Anxiety Sustainability Value-Generation
Sales Turnover Technology Availability | Sustainable Data Quality | Variance Analysis
Satisfaction Technology Maturity Sustainable Performance | Vendor Support
Security Situation Technology Readiness Switching Benefit Vision
Self-Efficacy The Existence of Project | i em Capability Work Home Conflict

Leader
Sensing Capability The Existence of an System Integration Work Overload

Server Location

The Lack of Knowledge
of Business People

System Quality

Year of Operational Use
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Factors
. . The Time " Takes. . Shortage of Funds For
Service Provider Support | Implementing a Bi Systems Effectiveness :
. Adoption
Project
Service Quality Timeliness Teamwork Technical Resources
Top Management
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