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ABSTRACT 
Aim / Purpose  This study examines the cognitive factors that shape blockchain adoption 

among Jordanian consumers. Guided by Protection Motivation Theory (PMT), 
this study explores threat and coping appraisals. It also explored electronic 
Word-of-Mouth (e-WOM) as a moderating factor, as it is an understudied vari-
able in blockchain research. Integrating e-WOM as a behavioral driver offers a 
novel contribution to blockchain literature.  

Background Although blockchain ensures transparency and decentralization, its adoption in 
the Middle East and North Africa (MENA) regions remains slow due to trust 
and awareness gaps. Several factors, including psychological and perceptual in-
fluences on its adoption, have yet to be examined more specifically within the 
MENA region. Jordanian consumers are actively utilizing e-commerce; how-
ever, they are cautious about new technologies. To encourage the adoption of 
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blockchain, there should be a deep understanding of the cognitive influences 
and impact of e-WOM. 

Methodology A cross-sectional quantitative survey was conducted to collect data from 351 
Jordanian individuals aged 18-45 years, all of whom had prior experience with 
e-commerce and blockchain technology. To conduct a suitable analysis for this 
research, Statistical Package for Social Sciences (SPSS) (v28) and Analysis of 
Moment Structures (AMOS) (v26) were utilized while implementing Structural 
Equation Modeling (SEM).  

Contribution  This study extends PMT by integrating e-WOM, offering a novel behavioral di-
mension within the blockchain adoption literature. It provides regional insights 
for emerging economies such as Jordan and deepens the understanding of con-
sumer cognitive behavior toward blockchain technology. 

Findings The constructs of PMT explain 51.9% of the variation in adoption behavior. 
The integration of e-WOM as a moderating factor increased explanatory power 
to 59.3%. Self-efficacy and response efficacy were the most influential factors, 
while e-WOM significantly moderated the effects of both threat and coping ap-
praisals on the intention to adopt. These findings can inform policymakers and 
industry leaders in developing awareness and trust-building strategies. 

Recommendations 
for Practitioners 

Emphasize response efficacy in messaging (demonstrable security and transpar-
ency gains) and provide user training/onboarding to raise self-efficacy. System-
atically leverage positive e-WOM (testimonials, community Q&A, and creator 
reviews) to reinforce confidence and reduce uncertainty at the evaluation/adop-
tion stages. Align communication with trust-building cues (interoperability, data 
control, and auditability). 

Recommendations 
for Researchers 

Extend PMT and e-WOM models with longitudinal and cross-cultural designs, 
test additional moderators (such as trust, digital literacy, and perceived value), 
and examine post-adoption outcomes (use/continuance). Compare coping ver-
sus threat pathways across different sectors (finance, healthcare, supply chains) 
to generalize the findings. 

Impact on Society This study demonstrates the importance of cognitive perception, trust, and e-
WOM in technology adoption. These findings inform policymakers and indus-
try leaders to develop awareness and trust-building strategies. This study ex-
tends the PMT with e-WOM and provides practical guidelines for trust-driven 
blockchain adoption in emerging markets. 

Keywords blockchain technology adoption, PMT, e-WOM, e-commerce, Jordanian con-
sumers 

INTRODUCTION 
Despite blockchain’s global potential, its adoption in Jordan and the wider Middle East and North Af-
rica (MENA) region remains limited. With the evolution of digital technology, blockchain technology 
has become a significant force owing to its potential to transform the digital landscape. Financial ser-
vices have the potential to leverage blockchain technology to conduct secure, efficient, and authentic 
transactions, thereby minimizing fraud in various processes, including international transactions (Ali et 
al., 2020). Authentic transactions ensure that the data collected within the blockchain is precise. The 
immutability of blockchain and its cryptographic capabilities play a vital role in validating transactions 
and documentation (Cai et al., 2023), particularly in minimizing counterfeiting (such as the creation of 
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imitations or deceptive versions of goods or products to deceive others into believing that they are au-
thentic). The transparent and anti-counterfeit characteristics of blockchain technology can significantly 
diminish counterfeiting by offering a secure and unchangeable record of transactions and product de-
tails, which aids in tracing the origin of goods and deterring the circulation of counterfeit products, as 
outlined by Afrin and Pathak (2023). Blockchain technology has emerged from the evolution of com-
puter networks through three distinct stages: centralized, decentralized, and distributed. These stages 
indicate a transition from centralized to decentralized and distributed models, highlighting the evolution 
of more advanced and powerful network architectures. Blockchain is a decentralized and distributed 
ledger technology, characterized by a collection of transactions recorded in multiple locations at the 
same time. This innovation offers enhanced security, transparency, and reliability compared with con-
ventional centralized systems (Esmaeilian et al., 2020). However, this technological evolution does not 
guarantee adoption, especially in developing economies such as Jordan, where infrastructure and trust 
remain critical challenges.  

Blockchain technology finds practicality across a multitude of sectors, such as healthcare, finance, and 
e-commerce, and promises improved transparency and efficiency, yet its adoption remains inconsistent 
(Dutta et al., 2020; Nuseir et al., 2023). In this context, the key benefits of employing blockchain tech-
nology in online shopping can be outlined as follows (Kharche et al., 2024): 

• Advancement of enhanced security measures: The application of blockchain technology employs en-
cryption to protect data and transactions, thereby improving e-commerce security. The decen-
tralized design of blockchain networks enhances their resistance to fraud and hacking, thereby 
maintaining the confidentiality and integrity of sensitive data. Employing blockchain crypto-
graphic technologies and decentralization enhances security by safeguarding transactions and 
data, thereby reducing vulnerability to hacking and fraud. 

• Information security: Strategies and protocols established with a focus on confidentiality, integrity, 
and availability of sensitive information against unauthorized access, exposure, modification, or 
loss. Blockchain technology improves data protection by utilizing encryption techniques, de-
centralization, and immutability (Esmaeilian et al., 2020). Cryptographic techniques ensure data 
encryption and security, whereas the decentralized architecture of blockchain networks reduces 
the likelihood of a single point of failure (Afrin & Pathak, 2023). Moreover, the blockchain 
ledger guarantees a significant level of data integrity and security because of its immutability, 
indicating that once information is documented, it cannot be modified or deleted without the 
consent of the network participants (Kharche et al., 2024). 

• Trust: Within the world of data protection and blockchain technology, trust signifies the assur-
ance that users have regarding the confidentiality and security of their personal information. 
Blockchain technology enhances trust through a transparent and verifiable ledger that records 
data transactions in a decentralized manner (Kharche et al., 2024). Consensus mechanisms play 
a crucial role in establishing trust by guaranteeing the accuracy of transactions and authenticity 
of information (Afrin & Pathak, 2023).  

• Cost efficiency: Enhancing resource utilization and minimizing expenses associated with data se-
curity and management (Arunmozhi et al., 2022). Blockchain technology enhances cost effi-
ciency by removing intermediaries in data exchanges, streamlining processes, and reducing op-
erational costs (J. Li & Kassem, 2021). The implementation of trust mechanisms through smart 
contracts streamlines data processing and guarantees secure and efficient data exchanges 
(Arunmozhi et al., 2022). Reducing reliance on manual processes and intermediaries allows 
blockchain technology to deliver substantial savings for organizations while enhancing data 
protection measures (J. Li & Kassem, 2021). 

Smart contracts have the potential to automate operations, thereby reducing the need for human labor 
and associated costs (Arunmozhi et al., 2022). Smart contracts built on blockchain technology enable 
secure and reliable automation of processes without intermediaries. Their capacity to facilitate a range 
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of transactions and agreements, such as payments, money transfers, and communication within supply 
chains, is noteworthy. Smart contracts enable organizations to enhance efficiency, minimize manual op-
erations, and streamline business processes (J. Li & Kassem, 2021). 

Furthermore, consumers’ perceived self-efficacy refers to their belief in their ability to perform the be-
haviors required to use blockchain effectively, while response efficacy reflects the belief that using 
blockchain will achieve the desired outcomes. User confidence in the effective application of block-
chain technology and the expectation of achieving desired outcomes significantly enhance their inten-
tion to utilize the technology (Miraz et al., 2022). There is a high likelihood that users will utilize block-
chain technology frequently when they acknowledge their ability to use it effectively (perceived self-effi-
cacy) and believe it will yield the desired outcomes (response efficacy) (Mweetwa & Mwange, 2023). Y. 
Li et al. (2023) asserted that risk and survivability assessments affect users’ willingness to adopt block-
chain technology.  

Blockchain provides a decentralized infrastructure that enhances data integrity and reduces counterfeit-
ing; therefore, limited awareness and trust continue to hinder adoption. This study addresses the gap in 
the adoption of blockchain technology by examining cognitive components, including threat appraisal 
and coping appraisal, and the influence of electronic Word-of-Mouth (e-WOM) on this adoption pro-
cess. The current research utilizes Protective Motivation Theory (PMT) to understand better the behav-
ioral changes associated with perceived vulnerability, perceived threat severity, response efficacy, and 
self-efficacy as defense and protection mechanisms in online and technologically mediated environ-
ments.  

The research objectives are articulated as follows: 

1. To analyze the influence of perceived vulnerability on the adoption of blockchain technology 
through a PMT lens. 

2. To analyze the influence of perceived severity on the adoption of blockchain technology 
through a PMT lens.  

3. To analyze the influence of response efficacy on the adoption of blockchain technology 
through a PMT lens.  

4. To analyze the influence of self-efficacy on the adoption of blockchain technology through the 
lens of the PMT.  

5. To analyze the moderating effect of e-WOM on the relationships between threat appraisal, 
coping appraisal, and blockchain adoption. 

To attain the objectives, the researchers propose the following research questions: 

1. To what extent does perceived vulnerability impact the adoption of blockchain technology? 
2. To what extent does the perceived severity of threats affect the adoption of blockchain tech-

nology? 
3. To what extent does response efficacy impact the adoption of blockchain technology? 
4. To what extent does self-efficacy impact the adoption of blockchain technology? 
5. To what extent does e-WOM moderate the relationship between threat appraisal, coping ap-

praisal, and adoption of blockchain technology? 

This study aims to explore the psychological and cognitive factors that influence decisions related to 
the adoption of advanced technologies, specifically blockchain. It seeks to educate industry practition-
ers on the determinants of blockchain technology adoption, refine strategies by understanding these 
psychological elements, enhance trust, and inform regulatory frameworks, as blockchain technology 
gains traction in e-commerce. The insights from this research will be valuable to policymakers and reg-
ulatory authorities. Analyzing the factors influencing adoption can aid in developing informed policies 
that promote innovation and address security and privacy issues. 

The remainder of this paper is structured as follows. The next sections present the literature review and 
the research methodology. The data analysis and results are then presented, followed by a discussion of 
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the research findings. Finally, the conclusion, implications for practitioners and researchers, and future 
work are presented. 

LITERATURE REVIEW 
RELATED WORK  
Most previous research has described blockchain applications without explicitly linking them to the be-
havioral theories of technology adoption. Most recent studies track blockchain’s cross-sector impact 
but remain descriptive rather than theoretically driven. Within the finance and e-commerce industries, 
previous research has highlighted security, privacy, and trust as central adoption drivers (Albshaier et 
al., 2024; Chowdhury et al., 2021; D. J. Kim et al., 2008). Collectively, these studies demonstrate how 
trust and security measures influence online customer engagement and decision-making. Conceptually, 
decentralization and immutability underpin these trust effects by reducing the single points of failure 
and improving verifiability. Blockchain’s traceability and integrity benefits recur across supply chains, 
Industry 4.0, and healthcare (Bodkhe et al., 2020; Katsikouli et al., 2021; Musamih et al., 2021). Nor-
isnita and Indriati (2022) examined theoretical models using the Theory of Planned Behavior (TPB) 
within the context of cryptocurrency investments, providing insights into the behavioral determinants 
of novel financial practices.  

Within the region, MENA studies have shown growing practical interest but limited integration of 
behavioral theory. In Jordanian banking, the quality of the Accounting Information System (AIS) 
mediates blockchain performance links (Al-Dmour et al., 2024). Project management work highlights 
blockchain process advancement (Sharari et al., 2025), and start-up supply chain research integrates 
blockchain with trust (Trawnih et al., 2025). Reviews have noted a shortfall of nontechnical, behavior-
focused evidence and called for interdisciplinary designs (cases, surveys) that align with real contexts 
(Happy et al., 2023). Technical barriers, privacy, ransomware, and fraud will persist (Nelufule et al., 
2024).   

Despite its considerable promise, the broad implementation of blockchain faces several obstacles (Al-
Mekhlafi & Al-Shaibany, 2021). Researchers and practitioners are increasingly exploring and using 
blockchain solutions to harness its revolutionary capabilities (Arunmozhi et al., 2022), while also analyz-
ing the challenges that hinder the extensive implementation of blockchain technology (Yadlapalli et al., 
2022). The adoption of blockchain technology is significantly affected by perceived confidence, trust, 
and utility (Alfandi et al., 2021; Patrício & Ferreira, 2021). Perceived trust correlates with the strong se-
curity protocols necessary for protecting personal information and maintaining user privacy, particularly 
in industries subject to rigorous data protection laws. Perceived usefulness denotes the conclusion that 
blockchain technology may enhance efficacy, productivity, and overall experience by offering ad-
vantages, such as heightened transparency, record immutability, diminished transaction costs, and more 
efficient procedures. These impressions affect users’ attitudes and intentions towards adopting block-
chain technology, thereby enhancing the probability of its integration into corporate and individual 
practices. 

Recent research by Marikyan et al. (2022) established a research foundation and model based on the 
PMT to examine the cognitive aspects influencing blockchain adoption. PMT explains how perceived 
threats and coping abilities shape behavior, while e-WOM adds a complementary social influence 
mechanism to adoption decisions. This study examined consumers’ views on perceived threat vulnera-
bility, reaction cost, response efficacy, and self-efficacy to influence their attitudes towards blockchain 
adoption. The results showed that reaction efficacy and self-efficacy considerably promoted adoption, 
but response costs impeded it. The perceived severity of the threats exhibited no significant impact, in-
dicating that people can underestimate the security capabilities of blockchain technology. Moderating 
factors, including knowledge and innovativeness, were identified as influencing the function of self-effi-
cacy in adoption; however, they demonstrated minimal influence on the other variables.  
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Despite extensive applied work, relatively few studies have integrated behavioral theory with social in-
fluencers to explain blockchain adoption in developing economies. Table 1 presents a comparative 
summary of related studies on blockchain adoption.  

Table 1. Comparative summary of related studies on blockchain adoption 

Study Title Methodology Theoretical 
background Contribution 

(Akram et al., 
2020) 

Adoption of 
blockchain 
technology in 
various realms: 
Opportunities and 
challenges. 

Comprehensive 
analysis of 
blockchain adoption 
methodologies, 
emphasizing 
advantages and 
disadvantages. 

Examines the 
decentralization and 
transparency of 
blockchain, addressing 
its generations and 
architecture. 

Discusses 
blockchain use 
across industries, 
emphasizing 
interoperability and 
governance. 

(Ben Youssef & 
Dahmani, 
2023)  

Examining the 
drivers of e-
commerce 
adoption by 
Moroccan firms: A 
multi-model 
analysis. 

Multiple model 
analysis investigates 
the factors affecting 
Moroccan 
corporations’ 
adoption of e-
commerce using 
several statistical 
models. 

Utilizing the 
Technology 
Acceptance Model 
(TAM) Theory of 
Planned Behavior 
(TPB), and Unified 
Theory of Acceptance 
and Use of 
Technology (UTAUT) 
frameworks to 
comprehend the 
determinants of 
technology adoption. 

Emphasizes the 
significance of 
elements such as 
company age and 
digital competencies 
in the adoption of e-
commerce and 
proposes 
enhancements in 
digital training. 

(Voskobojni-
kov et al., 2021) 

Non-adoption of 
crypto assets: 
Exploring the role 
of trust, self-
efficacy, and risk. 

Utilization of 
structural equation 
modeling to examine 
adoption intentions 
among those who do 
not already utilize 
crypto assets. 

Analyzes trust, self-
efficacy, and risk as 
critical determinants 
in technological 
uptake. 

Analyzes the factors 
affecting non-users’ 
intentions to use 
cryptocurrency 
assets and proposes 
strategies to mitigate 
entry hurdles. 

(Grover et al., 
2019) 

 

Perceived 
usefulness, ease of 
use, and user 
acceptance of 
blockchain 
technology for 
digital transactions 
– insights from 
user-generated 
content on 
Twitter. 

Collecting tweets 
relevant to 
blockchain and 
examining the 
factors influencing 
user acceptability 
based on structures 
such as security, 
privacy, 
transparency, trust, 
and traceability. 

The study examined 
the advantages and 
disadvantages of 
blockchain, including 
a comprehensive 
analysis of its utility 
for Twitter. 

This study improves 
users’ 
comprehension of 
blockchain and its 
adoption by offering 
comprehensive 
information for 
scholars and users. 

(Devčić & 
Vrček, 2021)  

Organizational 
challenges of 
blockchain 
adoption: an 
exploratory 
literature review. 

Comprehensive 
literature research to 
ascertain 
organizational 
obstacles in 
blockchain 
implementation. 

Utilizes current 
studies on the 
adoption of 
blockchain 
technology. 

Examines and 
encapsulates 
organizational 
obstacles in 
blockchain 
implementation, 
directing further 
study and policy 
development. 
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Study Title Methodology Theoretical 
background Contribution 

(Zerbini et al., 
2022) 

Drivers of 
consumer 
adoption of e-
commerce: A 
meta-analysis 

Meta-analysis to 
examine the 
determinants of 
customer acceptance 
in e-commerce. 

Examine theories 
related to consumer 
behavior and 
technological 
adoption. 

Conducting a 
comprehensive 
analysis of factors 
impacting consumer 
behavior and the 
acceptance of novel 
technology in e-
commerce. 

(Bokolo, 2022) Exploring 
interoperability of 
distributed ledger 
and decentralized 
technology 
adoption in virtual 
enterprises. 

Examine the 
interoperability of 
decentralized and 
distributed ledger 
technologies with 
virtual enterprises. 

Emphasizes previous 
research about 
interoperability, virtual 
enterprises, and 
blockchain 
technology. 

Emphasizes the 
significance of 
compatibility for the 
usage of blockchain 
technology in virtual 
enterprises. 

To the best of the authors’ knowledge, PMT has not been empirically integrated with e-WOM to ex-
plain blockchain adoption within the MENA context. This study addresses this gap by positioning e-
WOM as a moderator of both threat and coping appraisals, extending the PMT’s explanatory power to 
include social influencer dynamics. The conceptual model in Figure 1 illustrates these proposed rela-
tionships and guides the development of subsequent hypotheses. 

HYPOTHESIS DEVELOPMENT 
Blockchain technology adoption 
Significant academic studies on blockchain adoption have been conducted (Dutta et al., 2020), and in 
recent years, blockchain technology has attracted significant interest owing to its capability to transform 
several sectors. Consequently, businesses and governments must recognize the determinants of con-
sumer adoption of blockchain technology (Elliot et al., 2024). Several factors affect the use of block-
chain technology in enterprises, including several aspects (Akram et al., 2020). These factors are catego-
rized into three types: organizational, environmental, and technological (Al-Mekhlafi & Al-Shaibany, 
2021). Organizational factors include perceived benefits, resource availability, and readiness, whereas 
technological factors include performance, scalability, security, and interoperability (Al-Mekhlafi & Al-
Shaibany, 2021). Market conditions, industry standards, and legal and regulatory frameworks exemplify 
environmental effects. Key barriers include scalability, energy costs, regulatory uncertainty, interopera-
bility, limited user education, and resistance to change (Al-Ashmori et al., 2022). 

The research conducted by AlShamsi et al. (2022) emphasized PMT as a foundation for elucidating the 
decision-making process and as a significant model for the cognitive mechanisms that facilitate block-
chain adoption, aiding stakeholders in formulating strategies to improve perceived efficacy, augment 
self-efficacy, and diminish perceived costs, thus promoting wider acceptance and utilization of block-
chain technologies. This study suggests that threat appraisal, which involves assessing the severity and 
susceptibility to risks associated with blockchain, along with coping appraisal, which evaluates the effec-
tiveness, self-efficacy, and costs related to blockchain adoption, significantly impacts the motivations of 
individuals and organizations to adopt this technology. Fear, as an element of PMT, also affects the 
urge to use blockchain as a preventive strategy. 

The research conducted by Hussain et al. (2022) identified blockchain technology as a distributed data-
base characterized by transparency, accountability, public accessibility, immutability, and traceability, 
and examined the many consequences of its implementation in Bangladesh. This study examines how 
the intrinsic features of blockchain, transparency, immutability, and traceability can enhance numerous 
sectors, with special emphasis on a nation’s progress in sustainable development and poverty reduction. 
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Through a thorough assessment conducted from 2016 to 2020, the authors identified several areas in 
Bangladesh in which blockchain technology holds substantial promise, including healthcare, agriculture, 
financial services, and land management. This research underscores the crucial function of blockchain 
in improving data integrity, efficiency, and transparency in public and private sector endeavors while 
also recognizing the technological and infrastructural challenges that must be addressed for its adop-
tion. 

A comprehensive literature review by Al-Sakhnini and Al-Moaiad (2024) investigated the uses and pro-
spects of blockchain technology within the Middle Eastern setting, including Jordan, Saudi Arabia, Bah-
rain, Yemen, Qatar, Lebanon, Palestine, Iraq, Egypt, Morocco, Tunisia, Libya, Algeria, and the UAE. 
Investigating several industries for blockchain use, these industries include, but are not limited to, bank-
ing, supply chain management, and public service delivery, while highlighting their capacity to develop 
and improve transparency, security, and efficiency. It also examines the difficulties and potential associ-
ated with blockchain adoption, emphasizing the necessity for a conducive regulatory environment. This 
paper continues by underscoring the significance of utilizing blockchain technology for economic mod-
ernization and resilience, urging collaboration among policymakers, industry professionals, and re-
searchers to fully exploit its potential in the Middle East. 

The authors in Al-Ashmori et al. (2022) investigated the adoption of blockchain technology from the 
perspective of sustainability. This study encompasses literature evaluation and bibliometric analysis to 
ascertain the trends, deficiencies, and motivations for implementing blockchain technology. This study 
elucidates the progress of research on blockchain adoption as well as the key nations, organizations, 
and thematic publications involved. A sustainable adoption framework is examined in relation to block-
chain adoption, grounded in the principal identified factors and various adoption theories, including the 
Technology Acceptance Model (TAM), the Task Technology Fit Model, the Unified Theory of Ac-
ceptance and Use of Technology, and the Theory of Planned Behavior. The primary finding of this re-
search is the heightened volume of articles on blockchain adoption from 2015 to 2020, signifying a 
growing interest in the subject. This study offers significant insights and establishes a basis for future 
research in the software development sector by identifying five clusters pertinent to blockchain adop-
tion: user acceptability, blockchain technology, distributed ledgers, innovations, and logistics and supply 
chain management. 

Theoretical background 
The PMT discusses the psychological mechanisms that drive the adoption of technologies and can be 
utilized to comprehend and forecast the motivations of individuals and organizations in adopting 
blockchain as a safeguard against threats or vulnerabilities (Joshi et al., 2022). The PMT identifies three 
essential components: threat appraisal, coping evaluation, and motivation (Degirmenci & Barros, 2021). 
Threat evaluation assesses the probability and severity of prospective threats, such as data breaches or 
fraud, and the effectiveness of a response in alleviating these concerns. In the context of blockchain 
technology, assessment may involve evaluating the gravity of challenges, including insufficient transpar-
ency and an organization’s susceptibility to such risks. The perceived elevated risk of encountering such 
issues in the absence of blockchain protection may impact the choice to implement technology 
(Etemadi et al., 2021). 

The evaluation of coping strategies involves assessing the perceived costs and challenges linked to 
adopting the suggested protective behavior in concurrence with self-efficacy. In the realm of block-
chain, this pertains to confidence in the efficacy of blockchain technology in addressing perceived risks 
and an evaluation of one’s ability to implement and utilize the technology effectively. When individuals 
or organizations perceive that blockchain has the potential to significantly mitigate or eradicate risks 
and possess assurance in their capacity to implement it, their likelihood of adoption increases (Al-Man-
soori et al., 2023). Motivation reflects the interaction between threat and coping evaluations, suggesting 
that the probability of embracing the suggested response is shaped by the perceived seriousness of the 
threat and the feasibility of executing coping strategies. The notion that diminishing levels of danger 
perception, alongside elevated coping capabilities, may lead to a reduction in the motivation to engage 
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in the recommended behavior (Demirtaş-Madran, 2021). In technology adoption, PMT typically opera-
tionalizes threat appraisal as perceived severity and vulnerability and coping appraisal as response effi-
cacy, self-efficacy, and response cost.  

Threat appraisal 
In the realm of digital transformation, the research conducted by Sit et al. (2023) presented an analysis 
of threat appraisal using the concept of PMT within the e-commerce sector. Evaluating the risks and 
vulnerabilities associated with online transactions is crucial in e-commerce threat appraisal. This investi-
gation highlights the importance of comprehensively evaluating potential harm or risk, considering the 
fluid and dynamic characteristics of retail environments and the interrelation between physical and digi-
tal domains. This is essential for a thorough understanding of threat appraisal in e-commerce, particu-
larly through the lens of PMT. Threat appraisal in PMT refers to an individual’s evaluation of the likeli-
hood and severity of potential threats. In technology adoption, this captures users’ perceptions of how 
risky or harmful not using a given technology might be (Abu Bakar & Rahmatullah, 2022).  

Perceived threat vulnerability  
While blockchain technology has been recognized for its security and decentralization, it has recently 
garnered significant attention, particularly regarding perceived threat vulnerabilities. This ongoing con-
cern contributes to the relatively low consumer adoption of blockchain technology (El-Mamy et al., 
2020). The vulnerability to perceived threats is used to describe how likely someone is to suffer unfa-
vorable outcomes or injuries as a result of a certain threat. Understanding the function of perceived 
threat vulnerability and its influence on PMT is essential for the adoption of blockchain technology. 
According to Y. Li et al. (2023), the examination of perceived threat vulnerability reveals that individu-
als who experience a heightened sense of vulnerability demonstrate a greater willingness to adopt pre-
cautionary measures in relation to technology. In a blockchain, perceived vulnerability commonly re-
flects risks related to data privacy, key loss, fraud, and irreversible transactions (Y. Li et al., 2023). This 
perspective highlights that blockchain technology introduces new threats to economic security, empha-
sizing the importance of auditing and control as proactive strategies to manage these risks. Analyzing 
customer adoption behavior necessitates an understanding of how customers view the risks associated 
with blockchain technology (Patrício & Ferreira, 2021). 

The perception of vulnerability to threats linked to blockchain adoption significantly influences both 
threat and coping assessments (Al-Mansoori et al., 2023). The PMT elucidates the concept of fear ap-
peals, indicating that individuals employ a range of self-defense strategies, such as perceived severity 
and perceived vulnerability. Increased susceptibility leads individuals to perceive threats as more signifi-
cant and experience heightened feelings of vulnerability to adverse consequences. Consequently, they 
tended to implement additional protective measures. Similarly, those who are more susceptible to threat 
appraisal might believe that coping strategies can mitigate perceived threats (Y. Li et al., 2023). There-
fore, in the implementation of blockchain technology, perceived vulnerability to threats is anticipated to 
influence both threat assessments and evaluations of coping appraisals. Furthermore, customers’ per-
ceptions of threat vulnerability greatly shape their adoption of blockchain technology (Ameyaw & De 
Vries, 2020). Based on previous research, the following hypothesis is developed: 

H1: Perceived threat vulnerability is associated with blockchain adoption intention. 

Perceived threat severity  
Perception of threat severity pertains to how an individual assesses the seriousness of a threat and the 
possible adverse outcomes associated with it. The perceived severity of a threat regarding the adoption 
of blockchain technology significantly affects consumers’ decisions to embrace or dismiss a specific 
technology (Marikyan & Papagiannidis, 2023). Ameyaw and De Vries (2020) discovered that consum-
ers’ perceptions of the severity of risks linked to blockchain technology have a positive effect on their 
evaluations of risk and coping appraisal, subsequently enhancing their intent to adopt blockchain tech-
nology. Some experts argue that the correlation between perceived threat severity and PMT factors may 
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be influenced by individual differences, such as risk tolerance and technological readiness (Marikyan et 
al., 2022). Previous studies show inconsistent findings, and the effects may vary with risk tolerance and 
institutional trust. Based on previous research, the following hypothesis is developed: 

H2: Perceived threat severity is associated with blockchain adoption intention. 

Coping appraisal 
Coping appraisal serves as an essential element of PMT, understanding how individuals react to per-
ceived threats by engaging in defensive behaviors. The coping appraisal evaluates response efficacy, 
self-efficacy, and response costs. A higher coping appraisal predicts stronger adoption intention in 
blockchain contexts, especially through response efficacy and self-efficacy (Oh et al., 2025; Wang et al., 
2019). Numerous studies (Abu Bakar & Rahmatullah, 2022; Al-Mansoori et al., 2023) have examined 
the influence of coping appraisal on the factors of PMT within the framework of consumer acceptance 
of blockchain technology. Research has indicated that individual factors, including risk perception and 
trust, may affect the correlation between the components of the PMT, as discussed by Nguyen et al. 
(2024). 

Response efficacy 
Response efficacy pertains to the way an individual views the effectiveness of suggested protective ac-
tions in mitigating or eradicating perceived danger. This study emphasizes the perceptions individuals 
hold regarding the efficacy of specific actions in mitigating the risks linked to hazards (Gaur et al., 
2021). The efficiency of responses significantly influences individuals’ motivations and intentions re-
garding defensive behavior, particularly in the context of embracing new technologies, such as block-
chain. Perceived response efficacy, the belief that blockchain effectively mitigates targeted risks, is a 
consistently positive driver of adoption (Oh et al., 2025; Wang et al., 2019). Based on previous research, 
the following hypothesis is developed: 

H3: Response efficacy is associated with blockchain adoption intention. 

Self-efficacy. Self-efficacy is very important in PMT, which is defined as confidence in one’s capability 
to use blockchain and is a robust predictor of adoption across contexts (Pekkala & Van Zoonen, 2022; 
Rahmawati, 2019; Voskobojnikov et al., 2021). In PMT-based models, self-efficacy systematically 
shapes adoption intentions and has a significant impact on consumers’ decision-making processes, par-
ticularly their intention to adopt blockchain technology (AlShamsi et al., 2024). Based on previous re-
search, the following hypothesis is developed: 

H4: Self-efficacy is associated with blockchain adoption intention. 

Electronic word-of-mouth (e-WOM) 
The concept of e-WOM refers to the sharing of information or opinions about products, services, or 
brands through online platforms such as social media, review sites, and online discussion forums. With 
the rise of e-WOM in the digital era, academics have explored its definitions, viewpoints, and effects in 
various industries. Irfan (2024) indicated that e-WOM has a positive impact on consumer attitudes and 
perceptions regarding a product or service. However, some experts have emphasized the negative as-
pects of e-WOM. According to Irfan (2024), favorable e-WOM regarding blockchain can enhance 
adoption rates by cultivating positive perceptions and reducing perceived risks. Nonetheless, various 
experts have expressed concerns about the negative impact of e-WOM on blockchain technology. For 
example, Santoso et al. (2023) explored how negative e-WOM could hinder acceptance of blockchain 
technology by spreading misinformation or raising concerns about its reliability and security. They sug-
gest that potential users might view risk and uncertainty due to negative e-WOM.  

The influence of e-WOM can moderate the links between PMT appraisals and adoption by amplifying 
or dampening perceived risks and coping beliefs (Mladenović et al., 2024). Through providing comfort 
and encouraging interactions, favorable e-WOM is anticipated to diminish customer vulnerability. Neg-
ative e-WOM can increase vulnerability to risks and affect user choices regarding the adoption of 
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blockchain technology. Furthermore, an investigation conducted by Irfan (2024) indicated that e-WOM 
can exert both positive and negative influences on the acceptance of blockchain technology. Favorable 
e-WOM can enhance the perceived value and reliability of the blockchain, subsequently fostering its 
adoption. Conversely, negative e-WOM can generate concerns, anxiety, and skepticism, potentially hin-
dering the widespread adoption of blockchain technology. Therefore, it is essential to examine the 
moderating role of e-WOM in the adoption of blockchain technology by analyzing the connection be-
tween perceived threat vulnerability and the factors outlined in the PMT. Based on previous research, 
the following hypothesis is developed: 

H5: e-WOM moderates the relationship between coping appraisal, threat appraisal, and block-
chain adoption. 

The influence of e-WOM on the connection between perceived threat severity and consumer adoption 
of blockchain technology has garnered significant interest in academia. The research conducted by Y. 
Li et al. (2023) examined how e-WOM influences the connection between perceived threat severity and 
PMT factors in the context of adopting blockchain food tracking systems. The results reveal that favor-
able e-WOM enhances the connection between perceived threat severity and consumers’ threat ratings, 
survival assessments, and intentions to adopt. The influence of e-WOM enhances the connection be-
tween perceived threat severity and the PMT factors. Nonetheless, various perspectives highlight the 
importance of exploring individual differences and organizational elements in relation to perceived 
threat severity and factors associated with PMT. Based on previous research, the following hypotheses 
are developed: 

H5.1: e-WOM moderates the relationship between perceived threat vulnerability and blockchain 
adoption. 

H5.2: e-WOM moderates the relationship between perceived threat severity and blockchain adop-
tion. 

The research conducted by Nuseir et al. (2023) explored the moderating role of e-WOM in the relation-
ship between consumers’ intentions to adopt blockchain-based healthcare systems and their coping 
self-efficacy levels. Positive online recommendations can enhance the influence of self-efficacy on con-
sumer adoption decisions. These findings indicate that positive e-WOM significantly strengthens the 
relationship between self-efficacy and adoption intention. For example, Santoso et al. (2023) examine 
the moderating influence of e-WOM on the connection between response efficacy and consumers’ in-
tention to embrace blockchain-based financial services. The findings indicate that favorable e-WOM 
considerably enhances the connection between response efficacy and intention to adopt, suggesting 
that positive online endorsements can intensify the impact of response efficacy on consumers’ deci-
sions to adopt. A significant factor affecting the speed at which consumers embrace blockchain tech-
nology is their perception of its effectiveness. The examination of consumer adoption of blockchain 
technology has rigorously explored the impact of response efficacy on factors within PMT, particularly 
regarding customer intention to adopt. The link between response efficacy and PMT is further en-
hanced by the moderating effect of e-WOM (Al-Mansoori et al., 2023). Based on previous research, the 
following hypothesis is developed: 

H5.3: e-WOM moderates the relationship between response efficacy and blockchain adoption. 

Mladenović et al. (2024) investigated the influence of e-WOM on users’ expectations and behavioral 
intentions toward the adoption of emerging technologies. The findings show that the link between self-
efficacy and adoption intention was notably enhanced by favorable e-WOM, implying that positive 
online endorsements can amplify the influence of self-efficacy on consumers’ adoption choices. 

H5.4: e-WOM moderates the relationship between self-efficacy and blockchain adoption. 

Drawing on the PMT and e-WOM literature, Figure 1 presents the proposed model with e-WOM as a 
moderator for both threat and coping appraisals.  
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Figure 1. Proposed conceptual model 

RESEARCH METHODOLOGY 
RESEARCH DESIGN AND DATA COLLECTION  
This study adopted a cross-sectional quantitative survey design to test theory-driven hypotheses derived 
from PMT and e-WOM. The online survey was developed using Google Forms, available in both Ara-
bic and English. Two bilingual individuals back-translated the Arabic text into English to ensure lin-
guistic consistency, accuracy, and the use of appropriate vocabulary following Brislin’s (1986) proce-
dure. A non-probability purposive sampling technique, commonly known as judgmental sampling, was 
employed to gather the data (Makwana et al., 2023). Participation was voluntary, and the survey took 
approximately 10–15 minutes to complete. Responses were kept anonymous to ensure the privacy of 
the participants. All participants provided informed consent prior to participation. A sample size of 384 
participants was determined using the Raosoft sample size calculator, adhering to a 95% confidence 
level and 5% margin of error. This calculation was consistent with the sampling guidelines set forth by 
Krejcie and Morgan (1970).  

In this sampling method, participants were chosen based on their relevance to the research objectives. 
Consequently, individuals with specific traits were included in the sample because of their value (Zickar 
& Keith, 2023). Therefore, the most appropriate participants for the study were individuals who pos-
sessed an understanding of blockchain technology and online purchasing. This prior knowledge regard-
ing the adoption of blockchain technology in relation to the growth of the internet is crucial (Albshaier 
et al., 2024; Mattos et al., 2024). Non-probability purposive sampling was utilized to ensure the inclu-
sion of participants with experience relevant to blockchain and e-commerce technologies. The initial 
reach-out targeted approximately 400 individuals who were initially selected based on their digital en-
gagement with blockchain-related content and their participation in related digital communities. The 
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distribution of this selection focused on Jordanian nationals aged 18 to 45 who had previously engaged 
in online digital purchasing and had prior exposure to blockchain concepts. Sampling was conducted 
across various digital outlets, including Facebook, LinkedIn, and WhatsApp, with a focus on fintech, e-
commerce, and university mailing lists of IT and business faculties. The inclusion criteria required par-
ticipants to have experience with both digital shopping and being familiar with or using blockchain-ena-
bled tools, such as digital wallets and crypto payments. The exclusion criteria eliminated individuals 
with no previous exposure to blockchain, incomplete responses, or individuals outside the targeted age 
group were excluded.  

Upon distribution of the survey, the total estimated reach was approximately 3,550 individuals. This in-
cluded members from various digital fintech and blockchain communities on Facebook (approximately 
1,200 individuals), direct and group posts (approximately 700 individuals), WhatsApp groups (approxi-
mately 750 individuals), and university mailing lists (approximately 900 individuals). To enhance trust 
and authenticity throughout the research, a brief description of the research purpose and a disclaimer 
that ensured anonymity and the voluntary nature of participation accompanied the survey link. The sur-
vey was distributed and remained open for 24 days, which allowed sufficient time for responses across 
various waves of outreach.  

To properly follow up with outreach, a reminder message was sent five days after the initial launch of 
the survey, utilizing the same channels and another 10 days after the first reminder to encourage partici-
pation among those who did not respond initially. The follow-up highlighted the short time commit-
ment of the survey (10 to 15 minutes) and the relevance of their input to improving blockchain adop-
tion in Jordan. No incentives were offered, whether monetary or otherwise, which maintained the vol-
untary and academic nature of participation. 

A total of 400 responses were received. After excluding incomplete or ineligible entries, 351 responses 
were received. A total of 49 incomplete responses were excluded because recruitment occurred through 
digital channels, and responses may reflect a digital literacy bias. The survey was distributed to an esti-
mated 3,550 individuals, resulting in a response rate of approximately 11.4%. Construct reliability, as-
sessed using Cronbach’s alpha (α > 0.7) and Composite Reliability (CR > 0.7), was also established. 
Convergent validity was confirmed through the Average Variance Extracted (AVE > 0.5). Model fit 
indices, including the Comparative Fit Index (CFI), Tucker–Lewis Index (TLI), and Root Mean Square 
Error of Approximation (RMSEA), indicate adequate measurement model fit (Hu & Bentler, 1999). 
Purposive sampling and cross-sectional design limit generalizability to broader populations.  

Questionnaire design, measures, and scale development 
The survey used closed-ended items measured on a 5-point Likert scale (1 = strongly disagree to 5 = 
strongly agree). The constructs were adapted from the validated prior studies, as summarized below. 
Table 2 presents the survey questions designed to assess the participants’ perceptions of Threat Ap-
praisal. Threat appraisal is measured using two constructs: perceived threat vulnerability and severity. 
The present study employed measurement items adapted from Bosamia and Patel (2020) and Singh and 
Kalra (2021). Participants indicated their level of agreement with each statement using a 5-point Likert 
scale ranging from 1 (strongly disagree) to 5 (strongly agree). 

The items for perceived threat vulnerability and severity demonstrated internal reliability (α = 0.84). Ta-
ble 3 presents the survey questions designed to assess the participants’ perceptions regarding coping ap-
praisal. Coping appraisal was measured using two constructs: response efficacy and self-efficacy. The 
current study employed measurement items adapted from Marikyan et al. (2022). Participants were 
asked to express their level of agreement with subsequent statements; all items were measured on a 5-
point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree). 
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Table 2. Survey questions on threat appraisal 

Variables Measurement items Sources 
Perceived threat 
vulnerability 

• I know my data could be vulnerable to security breaches if I do 
not use a digital wallet. 

• I could fall victim to a malicious attack if I do not use a digital 
wallet. 

• I believe that trying to protect my data using a digital wallet 
would reduce illegal access to it. 

• My personal data and resources may be compromised if I do 
not use a digital wallet. 

 

(Bosamia & 
Patel, 2020) 

 

 

(Singh & 
Kalra, 2021)  

Perceived threat 
severity 

• Having someone hacking my digital wallet is harmful. 
• Threats to the security of my personal data when using a digital 

wallet are harmful. 
• I view data security attacks on my digital wallet as harmful 

security attacks on my digital wallet are harmful. 

Table 3. Survey questions on coping appraisal 

Variables Measurement items Sources 
Response 
efficacy 

• Using a blockchain-enabled digital wallet to protect my personal 
data would enable me to reduce the likelihood of security breaches. 

• If I use a blockchain-enabled digital wallet, the instances of security 
breaches will be fewer. 

• The regular usage of a blockchain-enabled digital wallet would help 
avoid security problems. 

 

(Marikyan et 
al., 2022)  

 

Self-efficacy • It would be easy for me to switch to the usage of a blockchain-
enabled digital wallet. 

• I could protect my data by using a blockchain-enabled digital wallet 
if there were no one around to tell me what to do. 

• I could comply with information security policies by myself when 
using a blockchain-enabled digital wallet. 

Table 4 presents the survey questions designed to assess the participants’ perceptions of the moderating 
role of e-WOM between PMT appraisal and blockchain adoption. The present study utilized inquiries 
and measurements sourced from Goldsmith et al. (2022) and Liu et al. (2022). Participants were asked 
to express their level of agreement with subsequent statements, and all items were measured on a 5-
point Likert scale, ranging from 1 (strongly disagree) to 5 (strongly agree). 

Table 5 presents the survey questions designed to assess the participants’ perceptions of the moderating 
role of e-WOM between PMT appraisal and blockchain adoption. The present study employed meas-
urement items adapted from Bhaiswar et al. (2021) and Rabby et al. (2022). Participants were asked to 
indicate their level of agreement with the statements, and all items were measured on a 5-point Likert 
scale, ranging from 1 (strongly disagree) to 5 (strongly agree). 

Table 6 presents the survey questions designed to assess the participants’ perceptions regarding the 
adoption of Blockchain. This study utilized inquiries and measurements from Albshaier et al. (2024). 
Participants were asked to express their level of agreement with subsequent statements. All items were 
measured on a 5-point Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree). All con-
structs were pretested with ten participants for clarity and face validity before full distribution. 
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Table 4. Survey questions on the moderating role of e-WOM on threat appraisal 

Variables Measurement items Sources 
e-WOM – 
perceived 
threat 
vulnerability 

• Electronic word-of-mouth makes me feel more vulnerable to 
the risks associated with blockchain technology. 

• The information I read online significantly influences my 
perception of vulnerability to blockchain’s potential risks. 

• Electronic word-of-mouth about blockchain technology’s 
success stories increases my trust in its efficacy. 

 

(Goldsmith et 
al., 2022) 

 

 

 

 

e-WOM – 
perceived 
threat severity 

• Electronic word-of-mouth significantly influences my 
perception of the severity of risks associated with blockchain 
technology. 

• Electronic word-of-mouth affects my assessment of the 
severity of potential threats in blockchain technology. 

• My view of the seriousness of blockchain technology risks is 
shaped by the electronic word-of-mouth I encounter 

 

Table 5. Survey questions on the moderating role of e-WOM on coping appraisal 

Variables Measurement items Sources 
e-WOM – 
response 
efficacy 

• Electronic word-of-mouth discussions about blockchain 
enhance my confidence in its problem-solving abilities. 

• Electronic word-of-mouth affects my belief in the 
effectiveness of blockchain solutions. 

• Electronic word-of-mouth about blockchain technology’s 
success stories increases my trust in its efficacy. 

 

(Rabby et al., 
2022) 

(Bhaiswar et 
al., 2021) 

 e-WOM – self-
efficacy 

• The experiences shared online about blockchain technology 
boost my confidence in my ability to use it effectively. 

• Electronic word-of-mouth impacts my belief in my capacity 
to understand and engage with blockchain technology. 

• Electronic word-of-mouth narratives about blockchain 
enhance my self-assurance in mastering this technology. 

 

Table 6. Survey questions on the adoption of blockchain 

Variables Measurement items Source 
Blockchain 
adoption 

• I intend to use the blockchain-based system. 
• Compared to traditional e-commerce payment methods, I 

prefer to use the blockchain system. 

(Albshaier et 
al., 2024) 

DATA ANALYSIS AND RESULTS 
DEMOGRAPHIC AND BEHAVIORAL RESULTS 
The respondents’ demographics and online shopping engagement using the frequency distribution are 
summarized in Tables 7 and 8. 
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Distribution of occupation 
The distribution of occupations among the respondents is presented in Table 7, which indicates that 
full-time employees were the largest group (50.1%).  

Table 7. Distribution of occupation 

Occupation Frequency Percent 
Students 63 17.9 
Full-time employee 176 50.1 
Part-time employee 15 4.3 
Self-employed 34 9.7 
Unemployed 46 13.1 
Retired 17 4.8 
Total 351 100.0 

Distribution of online engagement 
Table 8 presents the distribution of online engagement, indicating that most respondents shop online 
monthly (55.8%), 24.2% purchase weekly, and 8.3% shop daily. This confirms that a digitally active 
sample is appropriate for the adoption analysis.   

Table 8. Distribution of online engagement 

Answer Frequency Percent 
Daily 29 8.3 
Weekly 85 24.2 
Monthly 196 55.8 
Annual 41 11.7 
Total 351 100.0 

NORMALITY ASSESSMENT 
Univariate normality was assessed using skewness and kurtosis (Tables 9 and 10, respectively). Absolute 
skewness ≤ 2 and absolute kurtosis ≤ 7 are widely used acceptability benchmarks for normal-theory 
analyses with sample sizes comparable to this research (N, sample size ≈ 351) (H.-Y. Kim, 2013; West 
et al., 1995). All constructs showed modest negative skewness (−0.52−1.07) and positive kurtosis 
(0.07–2.32), which fall within the commonly accepted thresholds for parametric analyses; therefore, no 
non-parametric correction was required. Histograms and quantile-quantile (Q–Q) plots were also in-
spected to corroborate distributional assumptions. 

Table 9. Skewness and kurtosis analyses for the constructs 

Construct Skewness Kurtosis 
Perceived threat vulnerability -.521 .068 
Perceived threat severity -.782 1.222 
Response efficacy -.811 2.319 
Self-efficacy -1.066 2.317 
e-WOM – perceived threat vulnerability -.831 1.511 
e-WOM – perceived threat severity -.933 1.991 
e-WOM – response efficacy -.800 1.314 
e-WOM – self-efficacy -.824 2.105 
Blockchain adoption -.868 1.390 
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Table 10. Skewness and kurtosis analyses for the overall dataset 

Statistics 
SK  

N Valid 351 
Missing 0 

Skewness -.863 
Std. Error of Skewness .130 
Kurtosis 2.706 
Std. Error of Kurtosis .260 

DESCRIPTIVE ANALYSIS 
Descriptive statistics were used to characterize the distribution of variables and their properties, provid-
ing insights into their ranges, variabilities, and central tendencies.  

Threat appraisal – perceived threat vulnerability 
Table 11 presents the descriptive statistics for perceived threat vulnerability.  

Table 11. Descriptive analysis for independent variable 
(threat appraisal – perceived threat vulnerability) 

Descriptive Statistics 

 N Minimum Maximum Mean Std. Deviation 
I know my data could be vulnerable 
to security breaches if I do not use 
a digital wallet.  

351 1.0 5.0 3.462 .9369 

I could fall victim to a malicious 
attack if I do not use a digital 
wallet.  

351 1.0 5.0 3.405 .9267 

I believe that trying to protect my 
data using a digital wallet would 
reduce illegal access to it.  

351 1.0 5.0 3.590 .8123 

My personal data and resources 
may be compromised if I do not 
use a digital wallet.  

351 1.0 5.0 3.513 .8547 

 
The mean values (3.41 - 3.59) exceeded the midpoint, indicating moderate agreement that not using 
digital wallets increases vulnerability. Dispersion is modest, with standard deviations (SD ≈ 0.81 - 0.94), 
which supports the relevance of threat-related items for H1.  

Threat appraisal – perceived threat severity 
Table 12 presents the descriptive statistics for perceived threat severity.  

Table 12. Descriptive analysis for independent 
variable threat appraisal – perceived threat severity 

Descriptive statistics 
 N Minimum Maximum Mean Std. Deviation 

Having someone hack my digital 
wallet is harmful. 

351 1.0 5.0 4.154 .8581 
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Descriptive statistics 
 N Minimum Maximum Mean Std. Deviation 

Threats to the security of my 
personal data when using a digital 
wallet are harmful. 

351 1.0 5.0 3.963 .8151 

I view data security attacks on my 
digital wallet as harmful security 
attacks on my digital wallet are 
harmful. 

351 1.0 5.0 3.943 .8226 

The perceived severity was high (mean values ≈ 3.94 - 4.15) with acceptable dispersion (SD ≈ 0.82 - 
0.86). This indicates that respondents regarded security breaches as harmful and established construct 
salience for H2.  

Coping appraisal – response efficacy 
Table 13 presents the descriptive statistics for response efficacy.  

Table 13. Descriptive analysis for independent 
variable (coping appraisal – response efficacy) 

Descriptive Statistics 
 N Minimum Maximum Mean Std. Deviation 
Using a blockchain-enabled 
digital wallet to protect my 
personal data would enable me to 
reduce the likelihood of security 
breaches. 

351 1.0 5.0 3.755 .7652 

If I use a blockchain-enabled 
digital wallet, the instances of 
security breaches will be fewer. 

351 1.0 5.0 3.741 .8061 

The regular usage of a 
blockchain-enabled digital wallet 
would help avoid security 
problems. 

351 1.0 5.0 3.761 .7288 

Coping appraisal – self-efficacy 
Table 14 presents descriptive statistics for self-efficacy.  

Table 14. Descriptive analysis for independent 
variable (coping appraisal – self-efficacy) 

Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
It would be easy for me to switch 
to the usage of a blockchain-
enabled digital wallet. 

351 1.0 5.0 3.655 .7915 

I could protect my data by using a 
blockchain-enabled digital wallet 
if there was no one around to tell 
me what to do. 

351 1.0 5.0 3.584 .8901 
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Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
I could comply with information 
security policies by myself when 
using a blockchain-enabled digital 
wallet. 

351 1.0 5.0 3.658 .8053 

e-WOM – perceived threat vulnerability 
Table 15 presents descriptive statistics for the moderating effects of e-WOM on perceived threat vul-
nerability.  

Table 15. Descriptive analysis for moderating 
variable (e-WOM – perceived threat vulnerability) 

Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
Electronic Word-of-Mouth 
makes me feel more vulnerable to 
the risks associated with 
blockchain technology. 

351 1.0 5.0 3.584 .8473 

The information I read online 
significantly influences my 
perception of vulnerability to 
blockchain’s potential risks. 

351 1.0 5.0 3.692 .8085 

Positive or negative narratives 
about blockchain technology 
online alter my sense of risk 
vulnerability. 

351 1.0 5.0 3.709 .7641 

e-WOM – perceived threat severity 
Table 16 presents descriptive statistics for the moderating effects of e-WOM on perceived threat sever-
ity.  

e-WOM – response efficacy 
Table 17 presents descriptive statistics for the moderating effects of e-WOM on response efficacy.   

e-WOM – self-efficacy 
Table 18 presents descriptive statistics for the moderating effects of e-WOM on self-efficacy. 

Table 16. Descriptive analysis for moderating 
variable (e-WOM – perceived threat severity) 

Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
Electronic Word-of-Mouth 
significantly influences my 
perception of the severity of risks 
associated with blockchain 
technology. 

351 1.0 5.0 3.655 .8372 
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Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
Electronic Word-of-Mouth 
affects my assessment of the 
severity of potential threats in 
blockchain technology. 

351 1.0 5.0 3.689 .7913 

My view of the seriousness of 
blockchain technology risks is 
shaped by the electronic Word-
of-Mouth I encounter. 

351 1.0 5.0 3.678 .7646 

   

Table 17. Descriptive analysis for moderating 
variable (e-WOM – response efficacy) 

Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
Electronic Word-of-Mouth 
discussions about blockchain 
enhance my confidence in its 
problem-solving abilities. 

351 1.0 5.0 3.684 .8105 

Electronic Word-of-Mouth 
affects my belief in the 
effectiveness of blockchain 
solutions. 

351 1.0 5.0 3.729 .7770 

Electronic Word-of-Mouth about 
blockchain technology’s success 
stories increases my trust in its 
efficacy. 

351 1.0 5.0 3.721 .7457 

 

Table 18. Descriptive analysis for moderating 
variable (e-WOM – self-efficacy) 

Descriptive statistics 
 N Minimum Maximum Mean Std. deviation 
The experiences shared online 
about blockchain technology 
boosted my confidence in my 
ability to use it effectively. 

351 1.0 5.0 3.744 .8365 

Electronic Word-of-Mouth 
impacts my belief in my capacity 
to understand and engage with 
blockchain technology. 

351 1.0 5.0 3.732 .8226 

Electronic Word-of-Mouth 
narratives about blockchain 
enhance my self-assurance in 
mastering this technology. 

351 1.0 5.0 3.752 .7357 

Across Tables 13-18, means exceeded the scale midpoint, and dispersions were modest, supporting the 
relevance of threat- and coping-appraisal items. Inter-construct correlations were within acceptable 
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bounds, and diagnostics indicated no multicollinearity. Together, these results justify the hypothesis 
tests summarized in the subsequent tables. 

RELIABILITY (CRONBACH’S ALPHA) 
Table 19 presents Cronbach’s alpha coefficients for all constructs.  

Table 19. Cronbach’s alpha 

Construct Number of items Cronbach’s alpha 
Perceived threat vulnerability  4 .841 
Perceived threat severity 3 .772 
Response efficacy 3 .793 
Self-efficacy 3 .812 
e-WOM – perceived threat vulnerability 3 .788 
e-WOM – perceived threat severity 3 .866 
e-WOM – response efficacy 3 .823 
e-WOM – self-efficacy 3 .826 
Blockchain adoption 2 .787 

Internal consistency was acceptable across constructs: Cronbach’s alpha (α) ranged from 0.77 to 0.89 
for threat and coping appraisals, α = 0.79–0.87 for e-WOM items, and α = 0.79 for adoption, as indi-
cated in Table 19. Values ≥ 0.70 indicate adequate reliability for research purposes, and values ≥ 0.80 
indicate good reliability (H.-Y. Kim, 2013; West et al., 1995). A Confirmatory Factor Analysis (CFA) 
was conducted to assess the adequacy of the measurement model prior to hypothesis testing. The 
model demonstrated acceptable fit indices: CFI = 0.94, TLI = 0.93, and RMSEA = 0.06, meeting con-
ventional thresholds (CFI/TLI ≥ 0.90–0.95; RMSEA ≤ 0.06–0.08 (Hu & Bentler, 1999). Structural 
Equation Modeling (SEM) was used to test the hypothesized relationships among perceived threat ap-
praisals, coping appraisals, e-WOM, and blockchain adoption. These results confirmed that the meas-
urement model provided an adequate representation of the observed data. 

CORRELATION TEST 
To determine whether there is a correlation between the variables in the study, Table 20 shows Pear-
son’s correlation coefficients. The pairwise correlations were <.90, suggesting no bivariate redundancy. 
The Variance Inflation Factors (VIF) were below the common concern thresholds (≤ 5), indicating that 
multicollinearity is unlikely (Hair et al., 2019; Kutner et al., 2005). Correlation is significant at the 0.01 
level (2-tailed). For brevity, the constructs are referred to in this table using the following codes: G01 = 
perceived threat vulnerability, G02 = perceived threat severity, G03 = response efficacy, G04 = self-
efficacy, G05= e-WOM – perceived threat vulnerability, G06 = e-WOM – perceived threat severity, 
G07 = e-WOM – response efficacy, G08 = e-WOM – self-efficacy, and DP01 = blockchain adoption. 

Table 20. Correlation test table 

 G01 G02 G03 G04 G05 G06 G07 G08 DP01 

G01 

Pear-
son 
Corre-
lation 

1 .331** .539** .538** .418** .418** .407** .477** .491** 

Sig. 
(2-
tailed) 

 .000 .000 .000 .000 .000 .000 .000 .000 

N 351 351 351 351 351 351 351 351 351 
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 G01 G02 G03 G04 G05 G06 G07 G08 DP01 

G02 

Pear-
son 
Corre-
lation 

.331** 1 .469** .373** .393** .393** .404** .441** .364** 

Sig. 
(2-
tailed) 

.000  .000 .000 .000 .000 .000 .000 .000 

N 351 351 351 351 351 351 351 351 351 

G03 

 

Pear-
son 
Corre-
lation 

.539** .469** 1 .651** .545** .545** .579** .586** .643** 

Sig. 
(2-
tailed) 

.000 .000  .000 .000 .000 .000 .000 .000 

N 351 351 351 351 351 351 351 351 351 

G04 

Pear-
son 
Corre-
lation 

.538** .373** .651** 1 .524** .524** .548** .622** .655** 

Sig. 
(2-
tailed) 

.000 .000 .000  .000 .000 .000 .000 .000 

N 351 351 351 351 351 351 351 351 351 

G05 

Pear-
son 
Corre-
lation 

.418** .393** .545** .524** 1 1.000** .644** .637** .579** 

Sig. 
(2-
tailed) 

.000 .000 .000 .000  .000 .000 .000 .000 

N 351 351 351 351 351 351 351 351 351 

G06 

Pear-
son 
Corre-
lation 

.418** .393** .545** .524** 1.000** 1 .644** .637** .579** 

Sig. 
(2-
tailed) 

.000 .000 .000 .000 .000  .000 .000 .000 

N 351 351 351 351 351 351 351 351 351 

G07 

Pear-
son 
Corre-
lation 

.407** .404** .579** .548** .644** .644** 1 .730** .587** 

Sig. 
(2-
tailed) 

.000 .000 .000 .000 .000 .000  .000 .000 

N 351 351 351 351 351 351 351 351 351 
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 G01 G02 G03 G04 G05 G06 G07 G08 DP01 

G08 

Pear-
son 
Corre-
lation 

.477** .441** .586** .622** .637** .637** .730** 1 .689** 

Sig. 
(2-
tailed) 

.000 .000 .000 .000 .000 .000 .000  .000 

N 351 351 351 351 351 351 351 351 351 

DP01 

Pear-
son 
Corre-
lation 

.491** .364** .643** .655** .579** .579** .587** .689** 1 

Sig. 
(2-
tailed) 

.000 .000 .000 .000 .000 .000 .000 .000  

N 351 351 351 351 351 351 351 351 351 

HYPOTHESES TESTING 
Multiple linear regression was employed to test H1-H4, and hierarchical regression to test e-WOM 
moderation (H5.1-H5.4). Standardized beta coefficients (β), t-values, and p-values were reported, and 
multicollinearity was assessed using Variance Inflation Factors (VIF).  

Multiple regression analysis (H1, H2, H3, H4) 
Multiple linear regression was applied to examine the effects of perceived threat vulnerability, threat se-
verity, response efficacy, and self-efficacy on the adoption of blockchain technology. The correspond-
ing results are presented in Tables 21–23 and are summarized as follows: 

• Perceived threat vulnerability is positively associated with blockchain adoption (β = .101, t = 
2.18, p = .030), supporting H1.  

• Perceived threat severity did not significantly predict adoption (β = .038, t = 0.89, p = .376), 
thus rejecting H2. 

• Response efficacy exhibited a significant positive relationship with adoption (β = .328, t = 
6.11, p < .001), thus supporting H3.  

• Self-efficacy was also positively related to adoption (β = .373, t = 7.24, p < .001), thus support-
ing H4.  

• The model explains 51.9% of the variance in blockchain adoption (R² = .519; adjusted R² = 
.513; Table 22).  

• VIFs were all below three (Table 23), well under common thresholds (3 – 5), confirming no 
multicollinearity concerns (Hair et al., 2019).  

Table 21. Model summary of multiple regression analysis on (H1-H4) 

Model R R square Adjusted 
R square 

Std. error of 
the estimate 

1 .720a .519 .513 .53434 
a. Predictors: (constant), self-efficacy, perceived threat severity, perceived threat 
vulnerability, and response efficacy 
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Table 22. Variance analysis (ANOVAa) multiple regression analysis on (H1-H4) 

Model Sum of 
squares df Mean square F Sig. 

1 Regression  106.505 4 26.626 93.254 .000b 
Residual 98.791 346 .286   
Total  205.296 351    

a. Dependent variable: blockchain adoption 
b. Predictors: (constant), self-efficacy, perceived threat severity, perceived threat vulnerability, and 
response efficacy 

 

Table 23. Coefficientsa of multiple regression analysis on (H1-H4) 

Model 
Unstandardized 

coefficients 
Standardized 
coefficients 

t Sig. 
Collinearity statistics 

B Std. error Beta Tolerance VIF 
1 (Constant) .180 .204  .884 .378   

PTV .107 .049 .101 2.180 .030 .645 1.552 
PTS .042 .047 .038 .887 .376 .768 1.303 
RE .390 .064 .328 6.112 .000 .482 2.073 
SE .403 .056 .373 7.239 .000 .524 1.907 

a. Dependent variable: blockchain adoption 

Hierarchical regression analysis (H5.1) 
A hierarchical linear regression was conducted to examine the moderating effects of e-WOM on the 
relationship between perceived threat vulnerability and blockchain adoption. The results are presented 
in Tables 24, 25, and 26.  

Table 24. Model summary of hierarchical regression analysis on (H5) 

Model R R-squared Adjusted 
R-squared 

Std. 
error of 

the 
estimate 

Change statistics 
R-

square 
change 

F 
change df1 df2 Sig. F 

change 

1 .720a .519 .513 .53434 .519 93.254 4 346 .000 
2 .770b .593 .588 .49185 .075 63.374 1 345 .000 
a. Predictors: (constant), self-efficacy, perceived threat severity, perceived threat vulnerability, and re-
sponse efficacy 
b. Predictors: (constant), self-efficacy, perceived threat severity, perceived threat vulnerability, and re-
sponse efficacy, e-WOM 

 
Table 25. Variance analysis (ANOVAa) of hierarchical regression analysis on (H5) 

Model Sum of squares df Mean square F Sig. 
1 Regression  106.505 4 26.626 93.254 .000b 

Residual 98.791 346 .286   
Total 205.296 351    

2 Regression 121.836 5 24.367 100.727 .000c 
Residual 83.460 345 .242   
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Model Sum of squares df Mean square F Sig. 
Total 205.296 351    

a. Dependent variable: blockchain adoption 
b. Predictors: (Constant), self-efficacy, perceived threat severity, perceived threat vulnerability, and 
response efficacy 
c. Predictors: (Constant), self-efficacy, perceived threat severity, perceived threat vulnerability, and 
response efficacy, e-WOM 

Table 26. Coefficientsa of hierarchical regression analysis on (H5) 

Model 
Unstandardized 

coefficients 
Standardized 
coefficients t Sig. 

B Std. error Beta 
1 (Constant  .180 .204  .884 .378 

PTV .107 .049 .101 2.180 .030 
PTS .042 .047 .038 .887 .376 
RE .390 .064 .328 6.112 .000 
SE .403 .056 .373 7.239 .000 

2 (Constant) -.202 .193  -1.045 .297 
PTV .049 .046 0.47 1.076 .283 
PTS -.025 .044 -.023 -.568 .570 
RE .240 .062 .202 3.895 .000 
SE .243 .055 .224 4.400 .000 
e-WOM .541 .068 .419 7.961 .000 

a. Dependent variable: blockchain adoption 

The first model (main effects) explains 51.9% of the variance in blockchain adoption (R² = .519). After 
introducing e-WOM, R² increased to .593 (ΔR² = .075, p < .001), indicating a significant improvement 
in the model’s explanatory power (Table 24). The standardized coefficient for e-WOM is β = .419 (t = 
7.96, p < .001; Table 26). These findings indicate that e-WOM significantly strengthens the relationship 
between perceived threat vulnerability and blockchain adoption, thereby supporting H5.1.  

Hierarchical regression analysis (H5.3) 
Hierarchical linear regression was applied to test whether e-WOM moderates the relationship between 
response efficacy and blockchain adoption. The results are reported in Tables 27, 28, and 29, respec-
tively. 

Table 27. Model summary of hierarchical regression analysis on (H5.3) 

Model R R 
square 

Adjusted 
R square 

Std. error 
of the 

estimate 

Change statistics 
R 

square 
change 

F 
change df1 df2 Sig. F 

change 

1 .643a .414 .412 .58728 .414 246.241 1 349 .000 
2 .752b .566 .563 .50622 .152 121.712 1 348 .000 
a. Predictors: (constant), response efficacy 
b. Predictors: (constant), response efficacy, e-WOM 
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Table 18. Variance analysis (ANOVAa) of hierarchical regression analysis on (H5.3) 

Model Sum of 
squares df Mean square F Sig. 

1 Regression  84.928 1 84.928 246.241 .000b 
Residual 120.369 349 .345   
Total 205.296 351    

2 Regression 116.118 5 58.059 226.562 .000c 
Residual 89.179 348 .256   
Total 205.296 351    

a. Dependent variable: blockchain adoption 
b. Predictors: (Constant), response efficacy 
c. Predictors: (Constant), response efficacy, e-WOM 

 

Table 29. Coefficientsa of hierarchal regression analysis on (H5.3) 

Model 
Unstandardized 

coefficients 
Standardized 
coefficients t Sig. 

B Std. error Beta 
1 (Constant)  .783 .185  4.227 .000 

RE .764 .049 .101 15.692 .000 
2 (Constant) -.153 .181  -.847 .397 

RE .347 .056 .292 6.148 .000 
e-WOM .676 .061 .524 11.032 .000 

a. Dependent variable: blockchain adoption 
 

The initial model (response efficacy only) explained 41.4% of the variance in blockchain adoption (R² = 
.414). When e-WOM was added, the variance increased to 56.6% (ΔR² = .152, p < .001; Table 27). The 
standardized coefficient for e-WOM is β = .524 (t = 11.03, p < .001; Table 29). These results confirm 
that e-WOM amplifies the positive relationship between response efficacy and blockchain adoption, 
thus supporting H5.3.  

Hierarchical regression analysis (H5.4) 
Hierarchical linear regression is used to evaluate the moderating effect of e-WOM on the relationship 
between self-efficacy and blockchain adoption. The results are presented in Tables 30, 31, and 32.  

Table 30. Model summary of hierarchical regression analysis on (H5.4) 

Model R 
R 

square 
Adjusted 
R square 

Std. error 
of the 

estimate 

Change statistics 
R 

square 
change 

F 
change df1 df2 

Sig. F 
change 

1 .655a .429 .427 .57956 .429 262.208 1 349 .000 
2 .756b .571 .569 .50293 .142 115.441 1 348 .000 
a. Predictors: (Constant), self-efficacy 
b. Predictors: (Constant), self-efficacy, e-WOM 
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Table 31. Variance analysis (ANOVAa) of hierarchical regression analysis on (H5.4) 

Model Sum of squares df Mean square F Sig. 
1 Regression  88.072 1 88.072 262.208 .000b 

Residual 117.224 349 .336   
Total 205.296 351    

2 Regression 117.272 2 58.636 231.815 .000c 
Residual 88.024 348 .253   
Total 205.296 351    

a. Dependent Variable: blockchain adoption 
b. Predictors: (Constant), self-efficacy 
c. Predictors: (Constant), self-efficacy, e-WOM 

The first model, including self-efficacy, explained 51.9% of the variance in blockchain adoption (R² = 
.429). Adding e-WOM increased the explained variance by 57.1% (ΔR² = .142, p < .001; Table 30). The 
standardized coefficient for e-WOM is β = .510 (t = 10.74, p < .001; Table 32). These findings demon-
strate that e-WOM significantly enhances the effect of self-efficacy on blockchain adoption, confirming 
the support for H5.4.  

Table 32. Coefficientsa of hierarchical regression analysis on (H5.4) 

Model 
Unstandardized 

coefficients 
Standardized 
coefficients t Sig. 

B Std. error Beta 
1 (Constant)  1.074 .162  6.631 .000 

SE .709 .044 .655 16.193 .000 
2 (Constant) -.007 .173  -.039 .969 

SE .337 .051 .311 6.547 .000 
e-WOM .658 .061 .510 10.744 .000 

a. Dependent variable: blockchain adoption 
 

HYPOTHESIS RESULTS 
The final findings of the hypotheses are displayed in Table 33 and are summarized as follows: 

• Perceived threat vulnerability (H1), response efficacy (H3), and self-efficacy (H4) were all posi-
tively associated with blockchain adoption intention, whereas perceived threat severity (H2) 
showed no significant effect.  

• The moderating hypotheses revealed that e-WOM significantly strengthened the associations 
for perceived threat vulnerability (H5.1), response efficacy (H5.3), and self-efficacy (H5.4) but 
not for perceived threat (H5.2).  

• Overall, coping appraisal factors (response efficacy and self-efficacy) showed stronger predic-
tive power than threat appraisal factors, and e-WOM consistently amplified appraisal adoption 
relationships, aligning with PMT’s emphasis on coping mechanisms. 

• This finding supports the transition in PMT research from fear-driven to efficacy-driven be-
havioral models, aligning with the broader literature emphasizing the self-regulatory and confi-
dence-based determinants of digital adoption (Floyd et al., 2000; Maddux & Rogers, 1983). 
Compared to previous research that linked perceived threats directly to protective motivation, 
this research reinforces that, in technology contexts, users are more influenced by perceived 
competence and collective trust rather than fear of loss or harm. 
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Table 33. Hypothesis testing results 

Hypothesis P-value Direction Decision 
H1: “Perceived threat vulnerability has an impact on the 
adoption of blockchain technology at a significance level 
of α ≤ 0.05”. 

0.030 Positive Accepted 

H2: “Perceived threat severity has an impact on the adop-
tion of blockchain technology at a significance level of α ≤ 
0.05”. 

0.376 ---- Rejected 

H3: “Response efficacy has a positive impact on the adop-
tion of blockchain technology at a significance level of α ≤ 
0.05”. 

0.000 Positive Accepted 

H4: “Self-efficacy has a positive impact on adoption of 
blockchain technology at a significance level of α ≤ 0.05”. 0.000 Positive Accepted 

H5: “e-WOM moderates the relationship between coping 
appraisal, threat appraisal, and blockchain adoption at a 
significance level α ≤ 0.05”. 

0.000 Positive Accepted 

H5.1: “e-WOM moderates the relationship between per-
ceived threat vulnerability and blockchain adoption at a 
significance level α ≤ 0.05”. 

0.000 Positive Accepted 

H5.2: “e-WOM moderates the relationship between per-
ceived threat severity and blockchain adoption at a signifi-
cance level α ≤ 0.05”. 

0.376 ---- Rejected 

H5.3: “e-WOM moderates the relationship between re-
sponse efficacy and blockchain adoption at a significance 
level α ≤ 0.05”. 

0.000 Positive Accepted 

H5.4: “e-WOM moderates the relationship between self-
efficacy and blockchain adoption at a significance level α 
≤ 0.05”.  

0.000 Positive Accepted 

DISCUSSION 
These findings highlight that coping appraisals, particularly response efficacy and self-efficacy, play a 
decisive role in shaping consumers’ adoption intentions. This suggests that adoption behavior is driven 
less by perceived threat and more by a sense of behavioral control and confidence, consistent with the 
PMT’s emphasis on adaptive motivation (Maddux & Rogers, 1983). Individuals who believe that block-
chain effectively mitigates risks (response efficacy) and that they can competently use it (self-efficacy) 
experience greater perceived control, which is one of the strongest cognitive predictors of behavioral 
intention in protection-motivated contexts (Albshaier et al., 2024; Bodkhe et al., 2020; Chowdhury et 
al., 2021; Marikyan et al., 2022). Moreover, e-WOM moderated the relationship between coping ap-
praisal factors and adoption, confirming that positive online narratives enhance individuals’ motivation 
to adopt new technologies. These findings highlight the growing social influence of digital communica-
tion and the integration of social components such as e-WOM into PMT-based adoption models.  

Overall, the coping appraisal variables (response efficacy and self-efficacy) were stronger predictors 
than the threat appraisal variables, emphasizing that confidence and perceived usefulness outweigh per-
ceived risk in driving blockchain adoption among Jordanian consumers. Six hypotheses were accepted, 
while the remaining two were rejected, based on the findings of prior regression analyses. Collectively, 
the results address the study’s research questions by showing that while perceived threats have a limited 
direct impact, coping appraisals and e-WOM interactions critically explain consumers’ adoption inten-
tions. These insights align with the empirical findings of the theoretical model proposed in Chapter 
Two, demonstrating how PMT constructs function in a consumer technology adoption setting. 
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The research questions and findings are addressed as follows:  

Research question 1:  
The main objective of this study is to determine whether Jordanian consumers’ perceptions of vulnera-
bility have a positive impact on their adoption of blockchain technology in the e-commerce industry. 
The hypothesis, which is based on the PMT, proposes a positive correlation between the intention to 
use blockchain technology and perceived threat vulnerability. 

“To what extent does perceived vulnerability impact the adoption of blockchain technology?” 

The first hypothesis (H1) examines whether perceived threat vulnerability influences blockchain adop-
tion. Regression analysis indicated a significant positive effect (β = .101, p = .030), confirming that Jor-
danian consumers who perceived greater vulnerability were more inclined to adopt blockchain. This 
finding partially aligns with the PMT, emphasizing that vulnerability can motivate protective action, alt-
hough its effect is weaker than that of coping beliefs. Prior studies similarly found that perceived vul-
nerability contributes to initial adoption intentions, but not long-term usage (Al-Mansoori et al., 2023). 

Research Question 2:  
This question investigated how Jordanian customers’ perceptions of the severity of threats affect their 
adoption of blockchain technology in e-commerce. According to the PMT principles, the hypothesis 
anticipated a correlation between perceived threat intensity and inclination to use blockchain. 

“To what extent does the perceived severity of threats affect the adoption of blockchain technology?” 

The second hypothesis (H2) proposes that perceived threat severity positively affects blockchain adop-
tion. The results (β = .038, p = .376) indicate no significant relationship, suggesting that perceived se-
verity does not motivate adoption in this context. One possible explanation lies in Jordan’s cultural 
trust dynamics and technological familiarity. Consumers in collectivist cultures may rely more on social 
validation (peer influence or public reputation) than on personal threat assessments when deciding to 
adopt new technologies. Additionally, the abstract nature of blockchain and limited consumer under-
standing might reduce the perceived relevance of “threat severity,” shifting the focus toward trust and 
efficacy-based evaluations. This contrasts with Devčić and Vrček (2021), who found severity to be rele-
vant in cybersecurity contexts. This finding suggests that, for emerging technologies such as blockchain, 
consumers are less driven by threat perceptions and more driven by confidence and perceived benefit. 

Research Question 3: 
The current research question investigates the impact of response efficacy on Jordanian consumers’ 
adoption of blockchain technology in the e-commerce sector. The hypothesis suggests that response 
efficacy positively influences adoption intention, which is consistent with PMT principles. 

“To what extent does response efficacy impact the adoption of blockchain technology?” 

The third hypothesis (H3) tested whether response efficacy influenced blockchain adoption. The analy-
sis confirmed a significant positive effect (β = .328, p < .001), indicating that consumers who perceive 
blockchain to be effective in reducing security issues are more motivated to adopt it. This supports the 
PMT’s coping appraisal mechanism and aligns with previous studies (Rahmawati, 2019; Voskobojnikov 
et al., 2021). This result underscores that emphasizing the tangible benefits of blockchain can enhance 
perceived effectiveness and adoption likelihood. 

Research Question 4: 
This question examined the impact of self-efficacy on Jordanian consumers’ adoption of blockchain 
technology in the e-commerce sector. The hypothesis suggests a positive correlation between self-effi-
cacy and adoption intention, consistent with the principles of PMT. 

“To what extent does self-efficacy impact the adoption of blockchain technology?” 
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The fourth hypothesis (H4) explores the effect of self-efficacy on blockchain adoption. The results (β 
= .373, p < .001) supported a strong positive relationship, consistent with PMT and previous research 
(Pekkala & Van Zoonen, 2022). Consumers with a higher confidence in their ability to use blockchain 
technologies are more likely to adopt them. This suggests that improving users’ digital competence 
through education and support programs can significantly enhance their adoption intentions. 

Research Question 5 (H5.1, H5.2, H5.3, and H5.4): 
This research question examines the moderating role of e-WOM in the relationships between coping 
appraisal, threat appraisal, and the adoption of blockchain technology in e-commerce among consum-
ers in Jordan. The hypothesis proposes that e-WOM moderates these relationships, with positive e-
WOM enhancing the influence of coping appraisal components on adoption. 

“To what extent does e-WOM moderate the relationship between threat appraisal, coping appraisal, and adop-
tion of blockchain technology?” 

The fifth hypothesis examined the moderating role of e-WOM across threat and coping appraisal rela-
tionships, consistent with its conceptualization as a social influence moderator rather than a mediator. 
The results partially supported this hypothesis: e-WOM significantly strengthened the effects of re-
sponse efficacy, self-efficacy, and perceived vulnerability on adoption (H5.1, H5.3, H5.4) but not per-
ceived severity (H5.2). This underscores that peer communication and online discourse can amplify 
confidence and perceived benefits more effectively than threat-based appeals can. Practically, this 
means that consumer recommendations and online reviews may outweigh technical assurances in influ-
encing adoption decisions. 

CONCLUSION, IMPLICATIONS, & FUTURE WORK 
This study examines the factors influencing Jordanian consumers’ adoption of blockchain technology 
through the lens of PMT and the moderating role of e-WOM. By empirically integrating PMT with so-
cial influence variables, this study advances our understanding of individual-level adoption in emerging 
markets. 

The research’s primary conclusions are as follows:   

• Threat and coping appraisals through perceived threat vulnerability have a substantial impact 
on the adoption of blockchain technology.  

• Threat appraisal and coping appraisal have a greater effect on consumers’ tendencies to use 
blockchain technology than does perceived threat severity.   

• Response efficacy has a beneficial impact on consumers’ decisions to use blockchain technol-
ogy.  

• Consumers’ intentions to use blockchain technology are significantly influenced by their level 
of self-efficacy. 

• The relationship between threat appraisal, coping appraisal, and the adoption of blockchain 
technology is moderated by e-WOM. 

These findings provide insight into the psychological aspects of PMT that influence blockchain adop-
tion. They revealed how Jordanian consumers assess risk, evaluate coping mechanisms, and rely on the 
moderating influence of e-WOM when making adoption decisions. Techniques that enhance self-effi-
cacy through user training, emphasize response efficacy through success stories, and promote positive 
e-WOM within online communities may strengthen consumer confidence in blockchain technology. 

Theoretical implications 
This study extends PMT by incorporating e-WOM as a moderating factor, demonstrating that social 
influence enhances the effect of coping appraisals on technology adoption. It provides empirical sup-
port for applying PMT to consumer-level blockchain adoption, thus strengthening its cross-context 
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validity within the MENA region. This is among the first studies to integrate PMT and e-WOM in a 
Jordanian blockchain context, emphasizing that coping beliefs and social influence play a more critical 
role than perceived threat in shaping adoption behavior. 

Practical implications 
Industry stakeholders should emphasize blockchain’s response efficacy and provide user training to en-
hance self-efficacy. Policymakers should promote awareness campaigns and establish interoperability 
standards to increase trust and accessibility. Leveraging positive e-WOM through testimonials and 
online communities can encourage adoption and confidence in blockchain applications.  

Limitations and future work 
This study is limited by its convenience sampling method and single-country focus, which may affect 
the generalizability of its findings. Future research should employ longitudinal or cross-cultural designs 
to validate and expand these results. Comparative analyses across MENA and global contexts, as well 
as testing new moderators such as trust and digital literacy, would further strengthen the understanding 
of blockchain adoption behavior. Qualitative or mixed-method approaches can also provide deeper in-
sights into post-adoption behavior and social influence dynamics.  
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